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Abstract

The government of Tanzania has been actively
engaged in efforts to reduce poverty, yet the
challenge remains persistent. This study examined
the relationship between GDP per capita,
government expenditure (GCE), and poverty
reduction in the country. The main objective was
to analyze the trends and cointegration between
these variables in Tanzania. Utilizing a statistical
study design, this research employed time series
data covering the period from 1981 to 2017. The
findings revealed that while poverty has been
trending downwards, both GCE and GDP per
capita have shown upward trends. Moreover, the
analysis demonstrated a significant cointegration
between GDP per capita, GCE, and poverty
reduction, indicating that these variables are
interrelated in the long run. This implies that
government expenditure and economic growth are
crucial factors in the ongoing efforts to alleviate
poverty in Tanzania. Based on these insights, it is
recommended that the government increase
investment in education and health services to
further enhance GDP per capita growth.
Additionally, expanding infrastructure projects
can create employment opportunities, directly
impacting poverty reduction. Lastly, implementing
efficient fiscal policies that prioritize social
welfare spending will sustain and amplify the
positive trends in poverty alleviation.
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1. Introduction

Tanzania has been recognized as one of the nation’s fighting against poverty since independence.
In Tanzania, the poverty rate is still high. In 2007 more than 34.4 per cent lived below the poverty
line (Kitole, Msoma, & Sesabo, 2024; Dimoso & Andrew, 2021). In 2018 almost 26.4 per cent of
Tanzanians lived below the poverty line even though the statistics show that the poverty rate in
Tanzania declined (World Bank, 2020; Fumbwe, Lihawa, Andrew, Kinyanjui & Mkuna, 2021).
This decline in poverty has been associated with economic improvement, and it is commonly
thought that economic improvement is measured in terms of gross domestic product (GDP) and is
directly related to poverty reduction. GDP per capita growth has a strong relationship with poverty
reduction (World Bank, 2020; Kitole, Tibamanya, & Sesabo 2023). Many economists believe that
economic improvement recompenses almost all residents of a nation which stimulates the process
of poverty reduction (Kitole & Utouh, 2023; Zaman, Rashid, Khan, & Ahmad, 2011).

Economic growth is a necessary condition, but not a satisfactory condition to decrease the problem
of poverty. Some countries have higher economic growth and per capita income, but the results of
poverty reduction are less effective. In contrast, there are lower-income per capita countries, but
poverty reduction is better (Kitole & Sesabo, 2022; Theobald & Kitole, 2024). In Tanzania, people
who consume more than $1.9 are at a higher risk of falling below the poverty line. The statistics
show that within the group of four Tanzanian people who lived above the poverty line three
Tanzanians are at higher risk to fall into poverty again (Kitole, Mbukwa, Tibamanya, & Sesabo,
2024). This shows that a large number of Tanzanians who lived above $1.9 per day have a higher
danger of falling back below the poverty line of $ 1.9 (Kitole & Genda, 2024; Kitole & Sesabo,
2024).

Tanzania mainland poverty assessment report of 2019 shows that the percent of people in Tanzania
who lived below the poverty line is more concentrated in rural areas compared to urban areas and
the distribution of the available resources in Tanzania are not equally distributed among the
regions. As a result, some parts of the country are more developed than others (World Bank, 2019;
Kitole, 2023). This increases the poverty in those regions which receive a small portion of the
resources such as poor availability of social services like hospitals, schools, electricity and water
supply and other infrastructure facilities like roads in rural areas compared to other developed
urban areas which receive a larger share of the resources.

However, currently, the government has tried to reduce the widening gap between rural and urban
areas. Based on the existing level of poverty in Tanzania, different approaches and strategies
including economic growth, investment in human capital, provision of loans of low-interest rate,
and investment in infrastructure and other facilities achieve the reduction of poverty in Tanzania
(Nguyen, 2020). These are very crucial to be executed to speed up the reduction of poverty in
Tanzania. Those strategies and approaches focus on improving economic growth, improving the
living standards of the people, infrastructure facilities and other millennia development goals
(Swinkels et al., 2019).

World Bank, (2020) report showed that the GDP growth rate in Tanzania has reached 5.44 per cent
in 2018 since 1990. However, the World Bank report showed that the GDP performance in 2018
decreased compared to the performance of the previous year in 2017 from 6.79 to 5.44 per cent.
Also, the report showed that the GDP growth rate was high at 7.67 per cent in 2012 since 1990
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and was low at 0.58 per cent in 1993. The overall annual GDP growth rate in Tanzania is 5.44 and
5.42 per cent from 2018 to 2019 respectively. The government of Tanzania spent a total of 23.5
trillion Tanzania shillings (TZS), approximately 10.1 billion U.S. dollars, in 2019/2020, of which
most was recurrent expenditure including wages and salaries, interest costs, and other recurrent
expenditure (NBS,2021).

2. Empirical Literature Review

Uddin, (2014) conducted a study entitled “Financial development and poverty reduction nexus: A
cointegration and causality analysis in Bangladesh”. The study has highlighted that financial
development contributes much to poverty reduction by examining the relationship which exists
between economic growth, financial development and the decline of poverty in Bangladesh. The
study uses time-series data covers from 1975 up to 2011. This study is significant. It shows clearly
the main goals of economic improvement and the financial sector towards poverty reduction. The
study employed the ARDL model cointegration techniques. The results show that there is a long-
run relationship that exists between economic growth, financial development and poverty
reduction in Bangladesh. The study concludes that financial sector development and economic
growth both help in reducing poverty in Bangladesh.

Odhiambo, (2017) studied the association between economic growth and poverty in Ethiopia the
study used data from 1970 up to 2014. Through a time, series analysis, the study results reveal that
there is a strong relationship between economic growth and poverty in Ethiopia; economic growth
can be stimulated through the use of different techniques such as a trickle-down theory technique.
Both ARDL bound test approach and a Granger causality technique were used to examine
relationships that exist between poverty and economic improvement in Ethiopia. The outcomes
revealed that a cointegration exists between economic growth and poverty in Ethiopia and Granger
causality results prove that there is a unidirectional causality running from economic growth to
poverty reduction but in the short-run, a bidirectional causality exists.

Woycliffe, (2018) conducted a study to examine if economic growth contributes to poverty decline
in Rwanda through the use of a time-series data set covering from 1980-2016. The ARDL bound
test approach, Toda Yamamoto (TY) and Granger causality techniques were both employed.
Through ARDL bound test outcomes show a long-run relationship exists between economic
growth and poverty reduction in Rwanda also through the TY approach. Granger causality
outcomes show causality between economic growth and poverty. Based on the outcome the study
recommends the government introduce different policies such as education for all, and compulsory
education for all to reduce all problems associated with poverty and to speed up economic
development.

Pradhan, (2010) conducted a study entitled “Nexus between Finance, Economic Growth and
Poverty in India: The Cointegration and Causality Approach in India” The study use data covers
from 1951 to 2008 and employ a Granger causality and ARDL bound test approach to assess the
cointegration and causality between the variable of the study. Through ARDL bound tests the
outcomes prove that a long-run relationship exists between poverty, economic growth and
financial improvement.
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Thus, amajor goal of the study is to examine the relationship which exists between Gross Domestic
Product per capita, Government Consumption Expenditure and poverty reduction in Tanzania. The
study employed ARDL bound test analysis, and use of a time-series data set covers a period from
1981 up to 2017.

3. Theoretical foundation
3.1 Economic Growth and poverty

Economic growth is influenced by both direct and indirect factors. Direct factors include human
resources like the increased inactive population and investing in human capital, natural resources
like land and underground resources, and the increase in capital hired or technological
progressions. Indirect factors include institutions like financial institutions and private
administration, the extent of the aggregate demand, saving and investment rates, effectiveness of
the financial system, budgetary and fiscal policies, migration of labour and the efficiency of the
government (Boldeanu and Constantinescu, 2015).

World Bank (2019), poverty means a state of being inferior, insufficient, or a shortage in many
aspects of life, including a shortage in social services like schools, health centres, treated water
supplies, power supplies and other social services. Due to poverty, the income of the majority is
very low which leads to a decrease in the saving and consumption power of the majority.

3.2 Conceptual framework

Outlines both independent variables and dependent variables which are discussed in a literature
review. The study examines the relationship which exists between GDP per capita, GCE and
poverty in Tanzania through a time series analysis by considering these macroeconomic variables
to understand both a short-run and long-run relationship within the variables. The conceptual
framework presented in Figure 1 describes the interconnectivity between GDP per capita, GCE
per cent of GDP and poverty rate (PR).

Figure 1: Conceptual Framework

( Independent Variables ) ( Dependent )
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Expenditure (GCE)

109



2.3. Analytical modelling
2.3.1. Autoregressive Distributed Lag Bound Test Model.

After testing stationarity for all the variables used, all variables become stationary either at level
1(0) or at the first difference 1(1). The next step is to estimate the model through the use of the
ARDL bound estimation technique to examine the existence of cointegration which exists between
a GDP per capita, GCE and poverty in Tanzania. The ARDL bound test has numerous advantages
to estimate the model whereby the variables are stationary either at level or at first difference only.
Pesaran et al., (2001) noted that the ARDL model can be applied to time-series data irrespective
of whether the series is stationary at a level | (0) or first difference | (1). The second advantage of
ARDL is that it is suitable for small sample size analyses and also more flexible because it can be
used even when the order of integration of variables is not known before the cointegration test.

In the ARDL model if the variables are not cointegrated only the short-run ARDL model is
specified. By applying ARDL techniques, unbiased long-run estimates are obtained. To perform a
conditional ARDL (p, q; qz)model with three variables are specified as follows;

Alnprt = a()]_ + blllnprt_i + b21lngdpt_i+b3llngcet_i
p q1 qdz

+ Z aqiAlnpr_; + 2 ayiAlngdp,_; + Z ag;Alnrgee;_; + €1 e v ve vve vve eee ve v o (1)

1=1 1=1 1=1
But when a log of the gross domestic product as a dependent variable ARDL model specified as;

Alngdpt = dg2 + blzlnprt_i + bzzlngdpt_i+b3zlngcet_i
p q1

qz

+ Z aqiAlnpr_; + 2 ayiAlngdp,_; + Z agjAlngce;_j + €t v vvev vve vee vee ve e 1 (2)
i=1 i=1 i=1

Also, when a log of general government final consumption expenditure as a dependent variable
ARDL model specified as;

Alngcet = aog + b13lnprt_i + b23lngdpt_i+b33lnrgcet_i
p 1 92
+ Z aqjAlnpre_; + 2 a,iAlngdp,_; + Z asjAlngcer_j + €3¢ v vve vvven e v ve e e e (3)
i=1 i=1 i=1

From equation (3) an ARDL bound test can be employed to establish the existence of any long-
run relationship among variables when a log of poverty is a targeted variable. The ARDL bounds
test for cointegration was established from the overall test of significance of the lag of all the
variables at their level forms. The research tests significance of F- statistics. From equation (3)
this research tests the hypotheses of the existence of no long-run equilibrium relationship against
the alternative hypotheses of the existence of a long-run equilibrium association among the
variables when a log of poverty is a targeted variable.

The hypothesis for the ARDL model test is expressed as follow;
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HO:bl :bz :b3
Ha:bl * bz * b3

The study compares estimated F- statistic value to the lower and upper bounds critical values
generated by Pesaran et al (2001); lower bound values are generated on the assumption that all
variables are integrated of order zero while upper bound values are generated on the assumption
that all the variables are integrated of order one. The null hypothesis is rejected only if the F-
statistics value falls below the upper bound and it indicates the existence of a long-run equilibrium
relationship among the variables used in the model. But when F-statistics falls below the lower
bound then it implies that a study fails to reject the null hypothesis means that no long-run
equilibrium association exists between the variables used in this study.

3. Data and Methodology

3.1 Data

The research uses only secondary data obtained from credible databases including, the Bank of
Tanzania (BoT), the National Bureau of Statistics (NBS) and the World Bank (WB) development
indicators. The benefit of using secondary data is that they are easily available and less expensive
as compared to primary data. Also, using secondary data saves time and facilitates the timely
accomplishment of the study. Based on the nature of the study a unit of analysis is the country of
Tanzania and the study covers sample data of 36 years of Tanzania from 1981 up to 2017.

3.2 The Model

The Autoregressive distributed lag (ARDL) model specifies both a long-run and a short-run impact
of the independent variables on the targeted variable. The study can only estimate long-run
coefficients after a long run association has been detected and recognized within the variables. The
long-run equation when a log of poverty as a dependent variable is specified as follows:

P Q1 92
Alnpry = agq + Z a(jAlnpre_; + Z a,iAlngdp,_; + Z agjAlngce;_j + AECTi_q + €1t v ver evv vee o (4)
i=1 i=1 i=1

When log GDP per capita is a targeted variable model become:

p 1 9z
Alngdp; = ag, + Z aqjAlnpry_; + ) ayjAlngdpi—; + Z asjAlngce,_j + AECT,_1 + €5¢ v vev vev vee . (5)
i=1 i=1 i=1

Also, when a log of general government consumption expenditure is the dependent variable, the

model becomes:

p q1 qz
Alngcet = dgp3 + z aliAlnprt_i + z aziAlngdpt_i + z agiAlngcet_i + AECTt_l + €3¢ e vre i e (6)
i=1 i=1 i=1
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Whereas A = (1 —Z}’zl 6;) a speed of adjustment parameter with a negative sign, ECT =

q .
(Inpr._; — @x;) error correction term, @ = Zizo B long-run parameter, and a,j,a;as; are the

short-run dynamic coefficients of the model adjustment for a long-run equilibrium.

The short-run causal consequence is signified by the t-statistic on the explanatory variables short-
run coefficients. A long-run association between the variables indicates the existence of a Granger
causality in at least one direction which is determined by t-statistic on the coefficients of the lagged
error correction term. The interpretation of the short-run coefficients is as normal as in any other
linear regression model. Under ceteris paribus effects can be based on the usual OLS standard
errors and test statistics.

4, Results and Discussions

4.1 Trends of Poverty in Tanzania from 1981 up to 2017

The analysis of a trend in the poverty rate in Tanzania is significant since it conveys the path it has
taken covering a period from 1981 up to 2017. Results show an actual trend of poverty in Tanzania
through the line graph to understand the trend of poverty in Tanzania. The trend of poverty in
Tanzania is represented in Figure 2 as follows.

Figure 2: Trend of Poverty in Tanzania from 1981 up to 2017
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Results in Figure 2 presents the poverty rate in Tanzania which revealed a downward trend that
implies poverty reduction. In 1981 poverty is relatively higher but start to decrease up to below
1.5%, this decline in poverty in Tanzania is due to different government efforts towards decrease
per cent of the population living below the poverty line of $1.9 per day, a decline in poverty in
Tanzania also is caused by the improvement of the economic growth and growth of government
consumption expenditure which stimulate investment which is one of the ways helps to reduce the
problem of poverty in Tanzania.
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4.2 Trends of GDP per capita in Tanzania from 1981 up to 2017

The analysis of GDP per capita in Tanzania trend is important since it brings out the path which
covers a period between 1981 up to 2017. The trend revealed that gross domestic product per capita
in Tanzania through the line graph shows an upward trend. The trend is represented in Figure 3 as
follows.

Figure 3: Trend of GDP per capita in Tanzania from 1981 up to 2017
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In Figure 3, GDP per capita in Tanzania has been in an upward trend since 1981 up to 2017. In
early 1981 GDP per capita was relatively lower below 7% in 1984 but started to rise to almost
8.5% approximately in 2017, this rise in GDP per capita from Tanzania is caused by different
government efforts which stimulate economic growth in Tanzania. Examples in the agriculture
sector, infrastructure sector, tourism sector, and social services include education and health
sectors all speed up economic growth, an increase of investment also contributes to GDP per capita
to rise in Tanzania.

4.3 Trends of Government Consumption Expenditure in Tanzania from 1981 up to 2018.
The analysis of a government consumption expenditure in Tanzania trend is significant since it
carries out the path it has taken over the period from 1981 up to 2018. A line graph revealed the
actual trend of government consumption expenditure in Tanzania. The trend is represented in
Figure 4.
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Figure 4: Trend of Government Consumption expenditure in Tanzania from 1981 up to 2018.
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Figure 4 show that government consumption expenditure in Tanzania has been in an upward trend
since 1981 up to 2018. In early 1981 gross domestic product per capita was relatively lower
approximately equal to 0.93 in 1981 but start to increase before falling again up to 0.2
approximately in 1987 but in general, the trend increased upward, increase in government
consumption expenditure in Tanzania is due to improvement of economic growth revealed by
increase of government revenue collected from different economic and social sectors source for
example in the agriculture sector, infrastructure sector, tourism sector, mining sector and other
social services sector example in sports and games, both tend to speed up the economy provide
enough money for a government to spend in the economy which causes multiplier effects to other
sectors.

4.4 Results for Unit root

Moreover, before analyzing and assessing the model, an important procedure is to test all the
variables for stationarity before proceeding with another procedure of analyzing the data. Because
most of the time-series data sets the variable tends to vary over time and therefore may produce
spurious regression outcomes if the data series is not stationary. The stationary test outcomes are
shown in Table 1.

Table 1 displays results for the stationarity test both Augmented Dickey-Fuller and for Phillis-
Perron test. In the model with no constant term, a constant term and trend and a model with a
constant term and drift, the result shows that the variable both Inpr and Ingdp are stationary at level
(Dickey & Fuller, 1979). The null hypothesis of the existence of a unit root at a 5 per cent level
significance for Inpr and Ingdp are rejected at level, while Ingce at a level the value of the computed
t-statistics fails to reject the null hypothesis that the series is not stationary. Then at first difference
both Inpr, Ingdp and Ingce become stationary implies the refusal of the null hypothesis at a 5 per
cent level of significance hence alternative hypothesis was accepted.
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Table 1: Unit Root Test Outcomes by ADF-test and PP at level.
Variable ADF Test At 1% At 5% At 10% PP Test At 1% At 5% At 10%

statistics at critical critical critical statistics critical critical  critical

level value value value at level value value value
Lnpr -2.951 % -2.644 -1.950 -1.604 -5.221 % -2.642 -1.950 -1.604
Lngdp 2.264* -2.644 -1.950 -1.604 3.568*** -2.642 -1.950 -1.604
Lngce -2.715 -4.288 -3.560 -3.216 1.445 -2.644 -1.950 -1.604

Whereby == *=* indicates the variables are statistically significant at 1 per cent, 5 per cent and 10 per cent respectively.

Table 2 results revealed that both Inpr and Ingdp variables are stationary at a level 1(0) while the
Ingce variable is not stationary at a level in both ADF and PP tests. This implies the need to
differentiate the variable at the first difference to test for stationarity.

Table 2: Unit Root Test Results by ADF and test I(1).
Variable  ADF Test At 1% At 5% At 10% PP test At 1% At 5% At 10%

statistics at critical critical  critical  statistics critical  critical critical

level value value value at level value value value
d.Inpr -2.701 -2.453 -1.696 -1.309 -4 579 -4.288 -3.560 -3.216
d.Ingdp -3.181% -2.453 -1.696 -1.309 -3.667* -4.288 -3.560 -3.216
d.Ingce -5.465*+* -2.453 -1.696 -3.218 -6.730%* -4.288 -3.560 -3.216

Whereby ***indicates significance at 1% level

However, the results for a unit root test at level Inpr and Ingdp variables are stationary except the
Ingce variable in Table 2 are shown clearly. The variable (Ingce) becomes stationary after the first
difference as shown clearly also in Table 2. The outcomes show that we can comfortably reject
the presence of a unit root test for (Inpr), (Ingdp) and (Ingce) after the first difference because the
test statistics after first differences absolute value of ADF and PP-test is greater than the absolute
p-value of the critical value both at a 10%, 5% and a 1% level of significance. implies that (Inpr),
(Ingdp) and (Ingce) both are stationary after first the difference 1(1).

4.5 Estimation of optimal Lag length Based on Vector Auto regression Selection Order
Criteria

After testing for the unit stationary test, the next procedure is the selection of optimal. The lagged
observation may not only be observed independent variables but also from independent variables.
Command varsoc is used to select the optimal lag length. Since the variables investigated are below
three the best choice for selecting lags is Akaike Information Criterion (AIC). The results for

optimal lag length selection are displayed in Table 3.
Table 3: Lag length Selection Order Criterion

Lag LL LR Df P FPE AIC HQIC SBIC

0 100.283 - 9 - 4.6e-07 -6.08016 -6.03461 -5.94275
1 210.427  220.29 9 0.000 8.3e-10 -12.4017 -12.2195 -11.852*

2 222507  24.159 9 0.004 7.0e-10* -12.5942+ -12.2753* -11.6323
3 2315 17.987* 9 0035 7.3e-10 -12.5938 -12.1383 -11.2196
4 236.171  9.3415 9 0406 1.0e-09 -12.3232 -11.7311 -10.5368

The results for lag selection in Table 3 shows that the appropriate lags that should be included for
the model are lag 2 through AIC and HQIC all choosing the maximum lags of two.
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4.5 Result for The ARDL regression

The test for ARDL model results shows that the overall results of the model are statistically
significant and through the use of command ARDL with AIC the maximum lags selected is 2 as
the same as in varsoc test in Table 4. Therefore, the lags for poverty are one, but for GDP per
capita and government consumption expenditures is equal to two respectively.

Table 4: Outcomes for ARDL Model Regression

Lnpr Coef Std.Err. t p>ltl (95% Conf. Interval)
Lnpr

L1. 0.7157 0.061321 11.67 0.000 0.50981 0.841641
Lngdp
-0.2247193  0.092093 -244  0.022 -0.41368  -0.035758
L1 0.1861933  0.152273 1.22 0.232  -0.12625 0.498632
L2 -0.1861397  0.093609 -1.99 0.057 -0.37821  0.005930
Lngce
1.718183 0.6066741 2.83 0.009  0.47339 2.962975
L1. 0.0984346  0.7446371 0.13 0.896  -1.42941 1.626304
L2. -2.367633  0.5926393  -4.00 0.000 -3.5836 -1.151631
Cons 2.762352 0.6780559 4.07 0.000 1.37112 4.153607

The outcome is in Table 4 displays that at lag one the Inpr variable is statistically significant at 1
per cent level of significance, Ingdp is statistically significant at a level and lag 2 at a 10% level of
significance but not at lag 1. And Ingce at lag 1 and lag 2 is significant at a 1% level of significance
but not significant at lag 1. Also, outcomes revealed that the overall model is statistically
significant to represent variables not included in the model but influence poverty reduction in
Tanzania.

4.5.1 Results for a matrix list of lags for Inpr, Ingdp and Ingce

The results also revealed that the optimal lags to be used for poverty variable (Inpr) is one while
the lags for GDP per capita (Ingdp) and government consumption expenditure (Ingce) optimal lags
2 respectively displayed in Table 5 more clearly.

Table 5: Matrix List of Lags

Variable Lnpr Lngdp Lngce

Lags 1 2 2

4.5.2: ARDL bound test results

Test for the existence of the short-run and the long-run equilibrium among the variables in the
model was conducted ARDL bound test for cointegration. Outcomes for the bound test when the
log of poverty rate as a targeted variable outcome are represented in Table 6 more clearly.

Table 6: ARDL Bound Test Result

D.Inpr Coef Std. Err. t p>|t| (95% Conf. Interval)
ADJ
Lnpr -0.2842691 0.0613517 -4.63 0.000 -0.4101523 -0.1583859
L1.
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LR

Lngdp .0.7903272 00535907 -1475 0000 -0.9002863 -0.6803681
Lngce 11938350 13536150 143 0164 -4.715747 0.8390286
SR
Lngdp
D1. -0.0000537  0.0920507  -0.00  1.000 -0.1889261 0.1888188
LD. 01861397 00936093 199 0057 -0.0059308 0.3782101
Ingce
Eé‘ 2269108 06127312 370 0001 1011978 3526419
: 2367633 05926393 400 0000 1151637 3.583628
Cons

2.762352 0.6780559 4.07 0.000  1.371096 4.153607

Results for a bound test based on AIC the maximum lag length is two generated from the ARDL
model (1, 2, and 2) indicated that Ingdp has a long-run balance association between variables at a
1 per cent level of significance with a p-value < 0.0000. The null hypothesis of no cointegration
in the model is rejected against the alternative hypothesis of the model which is accepted, also, the
results from the bound test show presence of both a long-run and the short-run association between
a government consumption expenditure (Ingce) with poverty (Inpr) in Tanzania at a 1 per cent
level of significance with a p-value < 0.0.001.

Table 7: Smith/Shin/Pesaran (2000) ARDL Bound Test Result

F =8.665 [1_0][1_1] [1_oj_1] [1_0][1_1] [1_0][1_1]

L 01 LO1 L .05 L 0.05 L_.025 L_.025 L .01 L .01
K 2 3.17 414 3.79 4.85 441552 5.15 6.36
T=-4.633 [1_0] [1_1] [1_0]1[1_1] [I_0] [1_1] [1_0] [1_1]

L 01 LO1 L _0.05 L_0.05 L_.025 L_0.025 L 0.01 L 0.01
K 2 -2.57-3.21 -2.86 -3.53 -3.13-3.80 -3.43-4.10

Ho: No levels relationship

The results from the ARDL Model Regression with the Error Correction Model (ECM) presented
in Table 8 provide insightful findings on the dynamic relationship between the dependent variable,
log of poverty rate (Lnpr), and the independent variables, log of GDP per capita (Lngdp) and log
of government consumption expenditure (Lngce). The coefficient for the lagged dependent
variable Lnpr L1 is 0.7157, which is highly significant (t = 11.67, p < 0.000). This indicates strong
persistence in the poverty rate, suggesting that past values of the poverty rate have a substantial
positive influence on its current values. The coefficient close to 1 implies that poverty rates are
relatively stable over time but influenced by their previous values, highlighting the inertia in
poverty levels.

Regarding the impact of GDP per capita, the first lag (Lngdp L1) shows a significant negative
coefficient of -0.2247 (t = -2.44, p = 0.022). This suggests that an increase in GDP per capita in
the previous period is associated with a reduction in poverty in the current period. Economic
growth thus has an immediate and beneficial impact on reducing poverty, reinforcing the
importance of fostering economic development as a strategy for poverty alleviation. However, the
second lag (Lngdp L2) has a positive coefficient of 0.1862 but is not statistically significant (t =
1.22, p = 0.232), indicating that the effect of GDP per capita on poverty reduction does not persist
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beyond the immediate past period. The third lag (Lngdp L3) also shows a marginally significant
negative coefficient of -0.1861 (t = -1.99, p = 0.057), suggesting some fluctuation in the impact
over different periods but generally supporting the negative relationship between GDP growth and
poverty.

Table 8: Results for ARDL Model Regression with Error Correction Model

Lnpr Coef Std.Err. t p>|t| (95 % Conf. Interval)
Lnpr 0.715700 0.061300 11.67 0.000 0.509800 0.841641
L1.

Lngdp -0.2247193 0.0920939 -2.44 0.022 -0.4136803  -0.0357583
L1 0.1861933 0.1522733 1.22 0.232 -0.1262458  0.4986324
L2 -0.1861397 0.0936093 -1.99 0.057 -0.3782101 0.0059308
Lngce 1.718183 0.6066741 2.83 0.009 0.4733901 2.9629750
L1. 0.0984346 0.7446371 0.13 0.896 -1.429434 1.6263040
L2. -2.367633 0.5926393 -4.00 0.000 -3.583628 -1.1516300
Cons 2.762352 0.6780559 4.07 0.000 1.371096 4.153607

The analysis of government consumption expenditure (Lngce) reveals some intriguing findings.
The first lag of Lngce has a significant positive coefficient of 1.7182 (t = 2.83, p = 0.009). This
implies that increased government consumption expenditure in the previous period is associated
with an increase in the poverty rate in the current period. This counterintuitive result could indicate
inefficiencies or misallocations in government spending, suggesting that current expenditure may
not be effectively targeted towards poverty reduction. The second lag of Lngce (Lngce L2) has a
positive coefficient of 0.0984 but is not statistically significant (t = 0.13, p = 0.896), indicating no
significant effect on poverty in the short run beyond the immediate past period. Moreover, The
constant term in the model is -2.3676 and is highly significant (t = -4.00, p < 0.000). This indicates
that when the model is in equilibrium, the poverty rate is expected to adjust downwards,
reinforcing the long-term relationship between the variables. The intercept term, with a positive
value of 2.7624, is significant at the 1% level (t = 4.07, p < 0.000). This suggests the expected
value of the poverty rate when all other variables are held at zero, providing a baseline for
understanding the model's predictions.

Therefore, these findings suggest several policy implications. The significant negative relationship
between GDP per capita and poverty underscores the importance of promoting economic growth
as a strategy for poverty reduction. Conversely, the positive association between government
consumption expenditure and poverty suggests that current government spending may not be
effectively targeted or efficiently utilized, pointing to a need for better allocation and management
of government resources. The strong persistence in poverty rates indicates that policies need to be
sustained over time to have a meaningful impact. This study highlights the complex dynamics
between economic growth, government expenditure, and poverty, suggesting that strategic and
well-implemented policies are crucial for reducing poverty in the long run.

5. Conclusion and Policy Implication

The primary objective of this study was to explore the relationship between GDP per capita,
government consumption expenditure, and poverty in Tanzania using time series analysis. The
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implications of the findings highlight the critical need for strategic government interventions to
address poverty. This study underscores the importance of economic growth and effective
government spending in alleviating poverty. The interrelationship between these variables
suggests that comprehensive and targeted policy measures are essential for sustainable poverty
reduction.

To address poverty effectively, the government should consider several policy recommendations.
First, increasing government expenditure in key sectors such as education, health, agriculture,
infrastructure, power, and water supply can stimulate economic growth and improve living
standards. Investing in these areas can create jobs, enhance productivity, and provide essential
services that uplift the poor.

Given the persistence of chronic poverty, especially in rural areas, additional initiatives should be
introduced. For instance, providing free basic education to all Tanzanians can reduce educational
disparities and empower individuals with skills necessary for better employment opportunities.
Moreover, reducing government burdens through cost-sharing mechanisms can make essential
services more accessible to the poor.

Future research should focus on exploring the relationships between various macroeconomic
variables and poverty in Tanzania. Such studies can utilize different models, variables, and data
sets, including panel data, to provide a more comprehensive understanding of the factors
influencing poverty. Expanding the literature in this area will help policymakers design more
effective strategies to combat poverty and promote economic development.
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