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Abstract  

Lack of techno-economic framework for optimal gasification and the identification of critical parameters for optimal operations is 

one of the major challenges restricting the gasification of crop residues. This study aims to develop an optimal techno-economic 

framework for the gasification of crop residues from clustered small/medium-scale farms. The developed model was applied to a 

case study in Adiembra, a farming community for a 10-kW gasifier engine system. Eight scenarios of individual feedstock and 

their blends were considered. The results revealed specific fuel consumption ranging from 1.79 – 3.53 kg/kWh. The economic 

analysis showed marginal profitability except for rice husk and straw which are not profitable. At the current grid electricity price, 

the minimum level of subsidies required to ensure the financial viability of the feedstocks is within the range of 30 – 70 % of the 

investment cost based on the various feedstock scenarios considered. The study revealed individual feedstocks with the best 

technical and economic prospects for optimal gasification to be cocoa pod husk, maize stalk and husk, maize cobs, rice straw and 

rice husk in the order of best to worst. The use of feedstock blends generally improved the overall syngas characteristics and 

financial viability. A total number of farms ranging between 107 – 532 are required to be clustered within a radius of 0.74 – 2.12 

km with a cluster radius greater than 3.91 km not being financially viable. The fraction of each feedstock type in the blends were 

optimised with corresponding increase in syngas generation within the range of 9 – 35 % and decrease in the required number of 

farms within the range of 30 – 57 %. The outcome of the study demonstrates that sustainable gasification of crop residues for mini-

grid electricity generation requires co-gasification of various residue types, valorisation of by-products and increase in the current 

feed-in-tariff rate in Ghana. 
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Introduction  
Access to energy, particularly electricity, not only boosts socio-

economic development but also helps to address challenges 

within other sectors of the economy, such as the provision of 

better healthcare, education, and employment among others.  

Ghana has seen an increase in electricity access from 23.5 % in 

1990 to 85 % in 2019, however, access in rural areas remains 

lower, at about 70.5 % (Energy Commission Ghana, 2020). 

Efforts to ensure overall electricity access require an increase in 

electrification of rural communities by providing on and off-

grid electricity solutions. Renewable energy is expected to play 

a critical role in this. However, only 1.1 % of total electricity in 

Ghana is generated from renewable energy mainly solar and 

biogas systems (Energy Commission Ghana, 2021). Biomass, 

as a renewable energy source, has a critical role to play in Gha-

na due to the unused feedstock generated annually (Osei et al., 

2021; Kemausuor et al., 2015). 

Traditionally, biomass in the form of firewood and char-

coal accounts for 40.5 % of the total energy consumption in the 

country (Energy Commission Ghana, 2018). Currently, the 

consumption of firewood and charcoal as bioenergy feedstock 

is mostly done inefficiently and unsustainably and presents 

associated environmental and health issues (Anenberg et al., 

2017). It contributes to climate change at regional and global 

levels. Due to the intensive agricultural activities in African 

countries, significant quantities of crop residues (e.g., rice husk, 

maize stalk and cobs, cassava peels, etc.)  are generated annual-

ly. About 18,862,282 tonnes of field and processed-based agri-

cultural residues are generated annually in Ghana (Kemausuor 

et al., 2015). These crop residues are often unused by farming 

communities (Arranz-Piera et al., 2017; Kemausuor et al., 

2015).  However, they can be used sustainably to provide off-

grid energy solutions to rural communities using several con-

version technologies including biogas, pyrolysis, gasification, 

and direct combustion among others (Osei et al., 2021).  

Among the conversion technologies, gasification is one of 

the best for the reuse of crop residues and it is considered one 

of the most efficient ways of converting the energy embedded 

in biomass, as it provides room for small-scale applications for 

both electricity and heat generation with lower GHG (Akolgo 

et al., 2019; Pereira et al., 2012). Gasification is the thermal 

treatment of biomass at higher temperatures between 600 oC - 

1200 oC   and in oxygen-restricted environment which leads to 

the formation of a synthesis gas (syngas) with the constituent 

being hydrogen (H2), carbon monoxide (CO), methane, (CH4), 

carbon dioxide (CO2) with lesser amount of water vapor (H2O), 

tar, hydrogen sulfide (H2S), carbonyl sulfide (COS) and other 

trace contaminants. Syngas can be used directly for heat appli-

cations such as cooking, drying crops, etc. Gasifier stoves for 

cooking are common in some developing countries, particularly 

in Asia (Ramamurthi et al., 2016). When syngas is appropriate-

ly cleaned to remove tar and carbon dioxide, it can be used in 

combustion engines. Even though the gasification technology is 

quite mature and reliable, it is not vastly deployed in Ghana, 

with few installations across the country due to some challeng-

es (Osei et al., 2021; Akolgo et al., 2019).  

The installed gasification systems in Ghana are mainly 

aimed at the efficient production of charcoal, heat, and power 

with little success (Akolgo et al., 2019). Four gasifier plants for 

institutional heat and electricity operations have been identified 

to be currently in operation in Ghana (Osei et al., 2021). The 
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main challenges of installed gasifier plants have been catego-

rised into social, technical, and economic ((Akolgo et al., 2019; 

Energy Commission Ghana, 2016; Kontor, 2013). Despite the 

reported availability of crop residues for energy generation 

(Kemausuor et al., 2015), unsustainable feedstock availability 

and supply have been identified as one of the major problems 

confronting installed gasifier plants in Ghana (Akolgo et al., 

2019; Energy Commission Ghana, 2016). The feedstock types 

mostly used are low-density crop or wood processing residues 

(Osei et al., 2021). A good number of crop residues are availa-

ble in Ghana which can serve as feedstocks for gasification, 

however, seasonal variation of residues, as well as logistical 

challenges, disrupt feedstock supply which poses a threat to the 

smooth operation of biomass gasification systems. Co-

gasification of different feedstocks can however ensure smooth 

operations of the gasification system (Inayat et al., 2016). This 

has not been the subject of much discussion in literature, partic-

ularly for crop residue types available in Ghana (Inayat et al., 

2016). The potential and viability of gasification of feedstock 

blends particularly for crop residues that can ensure optimal 

and sustainable gasification must therefore be investigated. 

Moreover, the current mode of operation of existing gasifier 

systems has been reported to be not technically and economi-

cally sustainable (Owen and Ripken, 2017). 

 The techno-economic study is the most important analysis of 

any biomass gasification system (Sansaniwal et al., 2017). It is 

used to identify the economic and social feasibility of the im-

plementation of any energy generation system. It includes the 

performance evaluation of the designed system in terms of its 

efficiency, capital cost, operating and maintenance cost, gas 

production rate, payback periods, Internal Rate of Return 

(IRR), Net Present Value (NPV), acceptance of the technology 

and the cost-effectiveness of the entire system. Such investiga-

tions depend on many parameters such as feedstock type and 

availability, system capacity, gas production quantity and quali-

ty, design optimisation, and end-user applications. Several stud-

ies have presented techno-economic analysis of different gasifi-

cation systems for different feedstock types (Porcu et al., 2019; 

Susanto et al., 2018; Lan et al., 2021). In the specific case of 

Ghana, techno-economic analysis on electricity production for 

crop residues from small and medium-scale clustered farms and 

agro-processing have been studied considering Combine Heat 

and Power generation (CHP) and gasification systems (Arranz-

Piera et al., 2018; Arranz-Piera et al., 2017; Ramamurthi et al., 

2016). The technical analysis aspects of the techno-economic 

analysis mostly involve the use of proximate, ultimate calori-

metric and ash content analysis to determine syngas output and 

characteristics.  Other studies also considered the use of tech-

nical parameters from operations of existing gasification plants. 

The economic analysis mostly employs the use of LCOE, NPV 

and IRR (Lan et al., 2021; Porcu et al., 2019; Arranz-Piera et 

al., 2018; Arranz-Piera et al., 2017; Ramamurthi et al., 2016). 

The main research gaps identified from the available tech-

no-economic analysis in literature is that most of the studies 

considered analysis on the gasification of single crop residue 

types, limiting the prospects of blended biomass feedstock sys-

tems (Porcu et al., 2019; Susanto et al., 2018; Ramamurthi et 

al., 2016). Some studies considered the use of multiple crop 

residues (Arranz-Piera et al., 2018; Arranz-Piera et al., 2017; 

Arranz-Piera et al., 2016). These studies however did not take 

into consideration the optimal fraction of each feedstock type in 

the blends and the optimisation of critical technical and eco-

nomic parameters to ensure sustainable operations. The aim of 

this study is therefore to develop a techno-economic framework 

for systematic techno-economic analysis for the gasification of 

crop residues from small-scale farms for electricity generation 

based on the intrinsic feedstock characteristics with optimisa-

tion of syngas generation, feedstock supply and economic pa-

rameters. Comparative analysis of various feedstock types and 

blends for gasification is also investigated. Sensitivity analysis 
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is also performed on critical model parameters. The developed 

techno-economic model is implemented in an unelectrified 

farming community for a 10-kW gasifier engine system for 

electricity generation. The outcome of this study is also ex-

pected to present optimal technical parameters for the success-

ful operations of gasifier systems which are essential for energy 

planners and investors in the gasification sector. 

                       

Materials and Methods 

Model formulation and description  

The techno-economic model was developed for the gasification 

of crop residues from clustered small and medium-scale farms. 

Figure 1 presents a schematic of the model formulation and the 

conceptual framework. The model consists of five main sec-

tions: crop residue types and quantification, technical analysis, 

economic analysis, determination of the optimal radius of dis-

persion of farm and number of farms required and sensitivity 

analysis.  

 

Identification of farm size, residue type and quantities 

The various field and process-based residues available from 

each crop type within the study area are identified. The Residue 

to Product Ratio (RPR) and the Recoverability Ratio (RR) for 

the residue types are determined. For the case study, RPR and 

RR as determined by Kemausuor et al. (2015) in the study area 

were used. The total wet technical (QRFW) and dry technical 

residue potential (QRFd) from each farm were determined using 

Equations 1a and b respectively.    

Where:  

QRF = Total technical residue per farm (t/farm) 

n =  Total number of  residue types per farm  

C = crop yield (t) 

RPR=Residue to Product Ratio for each crop type 

RR=Recoverability Ratio for each crop type 

MC=Moisture fraction of each residue type 

 

Methodology for technical analysis  

The input parameters of this section include the capacity of the 

gasifier engine system, formulation of feedstock combination 

based on available feedstock types, chemical characteristics of 

feedstocks (proximate, ultimate analysis and calorific values), 

and syngas characteristics. In the case study, using methods 

described by Commeh et al. (2019), the proximate and ultimate 

analysis results are presented in Table A.1 in Appendix A. The 

model assumes a downdraft gasifier as the gasifier type due to 

its ability to work well with crop residues (Belonio, 2005). 

Therefore, optimal operating conditions (Equivalence ratio) and 

volumetric syngas composition (H2 CH4, CO, CO2 and tar con-

tent of syngas) as determined from experiments of the same 

residue type in literature were used (see Table A.2 in Appendix 

A). The output syngas characteristics and optimal operating 

were determined using the following approaches.  

 

1 The stoichiometric amount of air and air fuel ratio 

required  

 The dry stoichiometric amount of air required for com-

plete combustion of a unit weight of biomass and air-

fuel ratio was determined using Eqs. 2a and 2b respec-

tively.     

 Where: C, H, O and S are the percentages of carbon, hy-

drogen, oxygen and sulphur respectively as determined 

from the ultimate analysis. Where ER is the optimal Equiv-

alent Ratio from each feedstock as determined from Table 

A.2  

 

2 Determination of the lower heating value of syngas  

 The syngas heating values Qsyngas (MJ/Nm3)  for each feed-

stock type are estimated using the method described by 

Susastriawan et al. (2019). 

 

3 The energy released per kg of feedstock and specific gas 

yield Vg (Nm3/kg) 

 The energy released per kg of each feedstock (Eg (MJ/kg)  

and specific gas yield  Vg(Nm3/kg) were estimated using 

the method described by Prasad et al. (2014) and Di Carlo 

et al. (2022) respectively.  

 

4 Determination of carbon, cold gas, thermal and overall 

efficiency  

 The carbon conversion (CCE), Cold gas (CGE), thermal 

(GTE) and overall conversion efficiencies were determined 

using the method described by Makwana et al. (2015), 

Susastriawan et al. (2019), Prasad et al. (2014) and Eq. 3 

respectively. 

Where EFE = Efficiency of ICE, 22 % was used (All Power 

Labs, 2021) 

 

Estimation of electricity, syngas, char, tar and feedstock 

quantities required  

The annual electricity generated based on the system capacity 

was estimated using Eq. 3a. Similarly, the clean syngas power 

input (CSP) and syngas flow rate (FRsyngas) were determined 

using Eqs. 3b and 3c respectively. 

 

 EGAelectricity = ECgross (kW)× CF× OH annual              (3a) 

Where: 

 ECgross = Gross electrical capacity (kW) 

 CF = Capacity factor, 0.9 was used 

 OHannual = Annual Operational Hours. 8000hrs were used 

 (Rahimi et al, 2020) and  

 CE = Capacity of Internal Combustion Engine (ICE) system (kW) 
 

The biomass feed rate (BFR) dry basis (kg/h), air feed rate (m3/

h), specific fuel consumption (SFC) (kg/kWh) and annual bio-

mass consumption (BCannual) dry basis (kg/yr) were determined 

using Equations 4 a, b, c and d respectively.   

 

 nair = DSair × ER                                                     (2b) 

    DSair= [0.1153C + 0.3434 (H - O/8) + 0.043]         (2a) 

 (3) = Ƞoverall CCE ( %) x EFE (%) 

100% 

 CSP (kW) =        
CE 

EFE / 100% 
(3b) 

x 3600      FRsyngas(m
3/h) =      

CSP (kw) 

Qsyngas x1000 
(3c) 

 (1a) 

 (1b) 

 (4a) = BFR (kg/h) CSP x 3600 

(CGE/100%) X1000 X CV feedstock  

 
(4b) Air Feed rate (m3/h) =  

BFR (kg/h) x n air 

1.223 (kg/m3) 



Journal of the Ghana Institution of Engineering (2023) 23:4  

https//doi.org/10.56049/jghie.v23i4.114 JGhIE 

73 

BC annual (kg/yr) = BFR (kg/h) x OH annual  (4d) 

 

The unreacted char production rate (CPR) (kg/hr) was deter-

mined using Eq. 5. The quantity of tar generated (TG) was also 

estimated using Eq. 6. 

CPR (kg/hr)=BFR×(CP/100%                  (5) 

 

Where CP is the percentage of unreacted char generated as 

a percentage of biomass feed rate. A value of 5 % was used as 

suggested by All Power Labs (2021). TC is the quantity of tar 

generated for each m3 of syngas produced in g/Nm3.  

 

Determination of the number of farms required and radius 

of dispersion crop residues 

The total number of farms ( Nf ) needed to provide the required 

residue quantities for each scenario considered was determined 

using Eq. 7a. The ideal radius of dispersion of the residues from 

the power plant was determined using Eq. 7b as presented by 

Velo (2011). 

Where d ̇is sustainable residue production (kg/km2 day). In 

this study, the sustainable residue production (d) was deter-

mined from residue densities as presented by kemausuor et al. 

(2015).   

 

Methodology for economic analysis  

Table A.3 in Appendix A presents the assumptions and data 

sources used to perform the economic analysis. The main reve-

nue streams considered in the analysis are the sale of electricity 

and unburnt char as a soil amendment as suggested by Ripken 

and Owen (2017). The Internal Rate of Return (IRR), the Net    

Present Value (NPV) and the Levelised Cost of Energy (LCOE) 

were used to ascertain the financial viability of each scenario 

considered. These parameters were determined using methods 

described by Arranz-Piera et al. (2017) for IRR and NPV and 

Ramamurthi et al. (2016) for LCOE. 

 

Sensitivity analysis  

RR and RPR were subjected to sensitivity analysis using a 

range of values as presented in Table A.4. Various farm sizes of 

cocoa (3, 5 and 10 ha), rice (0.96, 5,10 ha) and maize (2, 5 and 

10 ha) were also considered for the sensitivity analysis. The 

cost of biomass, electricity subsidy and electricity tariffs were 

also subjected to sensitivity analysis. Similarly, the volumetric 

concentration of syngas gas species was subjected to sensitivity 

analysis using Table A.6 in Appendix A.  Moreover, a discount 

rate in the range of 18 – 30 % were also considered for the sen-

sitivity analysis. 

 
Development of  linear programming optimization models 

Based on the outcomes of the techno-economic models, a multi-

objective linear programming model was developed which con-

sists of three objective functions (see Eq. 8a) and four con-

straints (C1 to C4). For the scenarios that considered the various 

feedstock blends, the optimal composition of each feedstock 

quantity in the blend was optimised to maximise annual syngas 

output (Eq. 8b) maximising NPV (Eq. 8c) and minimising the 

total number of farms required to provide the needed feedstock 

quantities (Eq. 8d).  

 

 F (x)=(f1 (x), f2 (x), f3 (x))                                       (8a) 

 

1.  Objective Function 1 ( f1 (x)) 

Z1 = Maximise ( FRAsyngas ) = a1 X1+ a2 X2+a3 X3…a_n Xn    (8b) 

Where 

n = Total number of feedstocks within the blends  
a = specific gas yield for each feedstock (m3/kg) 

X = Optimal total annual quantities of each feed    

 stock in the blend (kg)  
Z1= Optimal total annual quantities of syngas  ( m3)  
 

2.  Objective Function 2 ( f2(x))  

Where:  

yi  = Total quantity of feedstock generated per farm size 

 Z2 = Total number of clustered farms required under each  

  feedstock blend category 

 

  

3.  Objective Function 3 (f3(x)) 

Z3 = Maximise (NPV) = p1 X1+ p2X2+ p3 X3….p_n X_n       

                        (8d) 

Where 

  Z3 = Maximum NPV (USD) 

  p =   Net Present value (NPV) per kg of individual feedstock   

   (USD/kg) 

 

4. Constraints for Objective Functions 1, 2 and 3  

0 <X1,X2,X3….Xn ≤ b1,b2,b3….bn:C1 

X1+X2+X3…..Xn = T: C2 

0.1T ≤ X1,X2,X3….Xn ≤ 0.7T:C3 

Z1 ≥ d:C4 

 

Where:  b1..bn =Total annual quantities of feedstock used in-

dividually (kg)  

T=Total annual quantities of  feedstock in the combined feed-

stock blend (kg) 

d = Total quantity of syngas generated for the combined feed-

stock (m3) 

 

 Each of the three objective functions together with the con-

straints was solved individually using the Simplex LP method 

in excel. They were then solved together using the MiniMax 

function to determine the optimal composition of feedstock in 

the blends that can satisfy all three objective functions and con-

straints.  

 

Case study and application of developed model  

The techno-economic and optimisation models were applied to 

a case study in the Asante Akyem North District of the Ashanti 

region, Ghana. This is an unelectrified farming community. The 

main crops cultivated are maize, rice, and cocoa among others. 

Based on the need for electricity for rice milling and irrigation 

(8c)  

 

 

(4c) SFC (kg/kWh) =  
BCA feedstock (kg/yr) x 

EGA electricity (KWh/yr)  

 
(7b) 

(7a)  Nf  = BC annual  x 1000 (t/y)     

QRF (t/farm) 

(6)  
G (kg/hr)  = 

FR syngas  x TC  

1000 
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purposes, a 10-kW gasifier engine system was considered as 

the system capacity. Table 1 presents the various feedstock 

scenarios considered based on the available feedstocks. The 

various scenarios were considered in order to investigates the 

prospects of individual and co-gasification of the various feed-

stocks in the study area. 

 

Results and Discussion  
Determination of syngas characteristics and conversion 

efficiency of feedstock  

The syngas heating value and the volumetric composition of 

H2, CH4 and CO play a critical role in determining the syngas 

quality and ultimately its suitability for electricity generation 

(Indrawan et al., 2017). Values for the individual feedstock 

were within the range of 4.51 – 6.77 MJ/Nm3. Cocoa pod husk 

had a favourable composition of H2, CO, and CH4 which result-

ed in the highest syngas heating value of 6.77 MJ/Nm3. The 

differences in the volumetric composition of the various gas 

species can be attributed to the inherent characteristics of each 

feedstock type as well as optimal operating gasifier parameters 

(Kirsanovs et al., 2017). The volumetric syngas composition 

was determined as the average percentage composition for each 

gas specie in the blends. Overall, the use of feedstock combina-

tion generally presented improved volumetric syngas character-

istics and heating value (ranging between 4.4 to 6.8 MJ/Nm3), 

particularly for individual feedstock with poor characteristics 

(see Figure 2). Co-gasification of different biomass resources 

has been reported to reduce high ash content by mixing differ-

ent feedstocks which can mitigate the ash melting problem in 

the gasification process (Akkache et al., 2016). Co-gasification 

of oil palm fronds (OPF) and coconut shells (CS) at different 

blending ratio showed an increase in the percentage volumetric 

composition of H2, CO and CH4, gas yield and syngas heating 

value compared to the gasification of individual feedstocks 

(Inayat et al., 2016). 

Similarly, Cao et al. (2022) reported improved H2 and 

Heating values of co-gasification rice husk, sawdust and bam-

boo dust. Rice husk has the lowest syngas heating value of 4.36 

MJ/Nm3 but as part of feedstock blends in F1, F4 and F6 the 

overall characteristics improved due to the favourable syngas 

property of the other feedstocks types in the blends. Table 2 

presents syngas characteristics for the various feedstock catego-

ries considered. The specific gas yield presents the quantity of 

syngas yield per each unit of feedstocks. Feedstock blends F3 

(maize stalk, husk and cobs) have the highest specific gas yield 

of 1.63 Nm3/kg. 

Among the individual feedstocks, cocoa pod husk in all 

 

Table 2 Producer gas parameters for various feedstock categories 

Parameter F1 F2 F3 F4 F5 F6 F7 F8 
Stoichiometric amount of air required 5.24 5.04 5.54 4.89 5.41 4.94 5.28 5.00 
Fuel Equivalent ratio (ER) 0.28 0.34 0.31 0.23 0.32 0.26 0.27 0.23 

Actual air-fuel ratio 1.48 1.69 1.70 1.12 1.71 1.31 1.42 1.17 

Fraction of tar generated in g/Nm3 23.75 3.57 43.07 4.86 33.19 4.43 27.78 3.57 

Molecular Weight of gas (MWg)(g/mol) 25.01 27.32 25.00 23.88 25.77 25.03 24.44 23.56 

Specific mass of the producer gas (kg gas/kg feedstock) 1.51 1.69 1.70 1.21 1.71 1.36 1.25 1.23 

The density of the producer gas (kg gas/Nm3 gas) 1.04 1.14 1.04 1.00 1.07 1.04 1.02 0.98 

Energy released per kg of feedstock (MJ/kg) 7.58 10.06 8.61 5.37 9.19 6.81 5.96 5.63 

Specific gas yield Vg (Nm3/kg feedstock) 1.45 1.48 1.63 1.21 1.59 1.31 1.23 1.25 

Figure 2 Volumetric syngas composition and heating values for residue category 

  Table 1 Residue categories and scenarios considered 

Residue 

categories 
Residue type in the category 

F1 cocoa pod husk, rice husk & straw, maize 

stalk, husk and cobs 

F2 Cocoa pod husk 

F3 Maize stalk, husk and cobs 

F4 Rice straw & husk 

F5 Cocoa pod husk & Maize stalk, husk and 

cobs 
F6 cocoa pod husk & Rice straw & husk 

F7 Maize stalk, husk and cobs& Rice straw & 

husk 
F8 Rice husk 
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cases had the highest cold gas, carbon conversion and thermal 

efficiencies of 70.39 %, 77.35 % and 63.42 % respectively. 

Cold gas efficiency has been identified as one of the key indi-

cators of gasifier performance (Basu 2018). It shows the chem-

ical energy contained in the product gas (syngas lower heating 

value) to the energy contained in the initial solid fuel (lower 

heating of each feedstock). It is affected by feedstock charac-

teristics, gasifier design and operating conditions. Worall et al. 

(2021) reported lower cold gas efficiency for cocoa pod husk 

of 55.7 %.  The cold gas efficiency of rice husk was deter-

mined to be 43.7 % lower than the reported efficiency within 

the range of 50 –70 % (Ma et al., 2015). The results of the 

feedstock categories revealed that a feedstock combination 

containing cocoa pod husk has better efficiencies (see Figure 

3). Similar to these findings, Susastriawan et al. (2019) report-

ed an improvement in cold gas efficiency with a mixture of rice 

husk and sawdust as compared to the individual feedstock. The 

overall conversion efficiency represents the percentage of the 

energy in the biomass that is converted to electricity. The re-

sults of the feedstock categories revealed overall conversion 

efficiency in the range of 7.83 to 14.08 % with F4 (rice straw 

and husk) and F2 (cocoa pod husk) with the lowest and highest 

efficiencies respectively. The overall efficiencies of rice straw 

and husk are improved as part of feedstock blends in F1 and 

F7.  

 

Syngas yield and characteristics for the various feedstock 

categories  

The expected syngas flow rate for each of the feedstock catego-

ries is presented in Figure 4. The results revealed that feedstock 

categories with higher syngas heating values had lower syngas 

flow rates. A higher syngas flow rate implies a higher biomass 

feed rate and correspondingly higher quantity of feedstock re-

quired for energy generation. Low feedstock quantities have 

been identified to affect the sustainable operations of gasifica-

tion systems in Ghana (Osei et al., 2021), therefore lower syn-

gas flow rate with a corresponding higher heating value is pre-

ferred for optimal gasification.  

 

Biomass feed rate, specific fuel consumption and syngas 

yield   

The biomass feed rate for the feedstocks considered was within 

the range of 16.11 – 28.77 kg/hr respectively (see Table 3). 

Specific fuel consumption is the quantity of feedstock required 

to produce 1 Nm3 of syngas or 1 kWh of electricity. For opti-

mal and sustainable gasification, lower specific fuel consump-

tion is preferred. Specific fuel consumption of 1.9 kg/kWh has 

been reported for low-density biomass feedstocks (Indrawan et 

al., 2017). Susanto et al. (2018) reported specific fuel con-

sumption within the range of 1.5-2.5 kg/kWh depending on the 

biomass quality. The results for this study were determined to 

be in the range of 1.79 – 3.52 kg/kWh. A similar observation in 

the improvement of specific fuel consumption for feedstock 

 

Figure 3 Efficiencies of feedstock categories 

Figure 4 Specific gas and syngas flow rate of various feedstock categories 
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combination was also observed (see Table 3). Much lower SFC 

(0.8-1.5 kg/kWh) for low-density biomass mixtures consisting 

of rice husk, sawdust and bamboo dust has been reported 

(Buragohain et al., 2010). To meet the electric generator engine 

capacity, due to low syngas heating value, feedstock categories 

F4 requires 292,102 Nm3/yr of clean syngas whiles that of F2 

needs 191,318 Nm3/yr of syngas due to high syngas heating 

values (see Table 3).  

 

Determination of feedstock quantity, required number of 

farms and radius of dispersion  

The annual feedstock quantities for individual feedstocks were 

determined to be in the range of 128.85 – 253.90 tonnes based 

on the required syngas quantities.  Cocoa pod husk had the 

lowest quantities due to the superior syngas characteristics. 

Maize stalk and husk and maize cobs also had low annual bio-

mass quantity. On the other hand, rice husk and rice straw had 

the highest annual biomass quantities. This is due to the unfa-

vourable syngas characteristics which resulted in high biomass 

feed rate and corresponding annual biomass quantities. In the 

feedstock categories considered, similar patterns were observed 

(see Table 3). Average farm sizes of 1 ha each of cocoa, rice 

and maize farms were considered in the base case scenario with 

corresponding crop yields of 0.4, 2.5 and 2.05 t/ha based on 

average values in the study area. Even though rice straw has 

unfavourable syngas characteristics compared to the other feed-

stocks, it had the highest dry technical residue potential of 1.11 

tonnes/farm due to the high RPR and RR ratios. On the other 

hand, cocoa pod husk with favourable syngas characteristics 

had the lowest technical residue potential of 0.27 tonnes/farm 

(Figure 5). This unequal characteristic of the various feedstock 

presents the need to use multiple feedstocks to ensure sustaina-

ble gasification.  

The total number of farms and the corresponding radius of 

dispersion for the individual feedstocks are presented in Figure 

6. The radius of dispersion is defined as the distance from a 

central point where the gasifier plant is to be positioned to the 

farthest farm. The results show that to obtain the required quan-

tities of cocoa pod husk (128.85 t/yr), 532 cocoa farms (1 ha 

size each) are required within a cluster radius of 1.12 km.  The 

use of rice straw required the least number of farms (251) but 

with a radius of dispersion of 2.16 km. The disparities with the 

radius of dispersion are accounted for by the differences in the 

sustainable residue densities for the various feedstock types. 

Whiles, the sustainable residue density of cocoa pod husk of 

109.58 kg/km2.day, that of rice straws is 57.57 kg/km2.day. The 

radius of dispersion plays an important role in determining the 

economic viability of the gasification systems. Higher values 

increase the biomass transportation cost and therefore lower 

value is ideal to ensure optimal operations of the gasification 

systems. 

The use of feedstock combination reduced the total num-

ber of clustered farms as well as the radius of dispersion (see 

Figure 7). Rice straw and husk as individual feedstock resulted 

in farm requirements of 462 and 251 respectively, however, as 

a feedstock combination (F4), 159 farms are required within a 

cluster radius of 2.11 km. Similarly, cocoa pod husk as part of 

the feedstock combination in F1, F5 and F6 resulted in a lower 

number of farms (see Figure 7). The observed lower number of 

farms and cluster radius for feedstock combination is generally 

contributed by higher sustainable residue density (values be-

tween 57 – 329 kg/m2.day). The high sustainable residue densi-

ty for feedstock is a result of the farming systems in Ghana, 

where monocropping is often practiced. Moreover, different 

crops are cultivated within a specific farming area increasing 

the sustainable residue densities. Arranz-Piera et al. (2017) 

reported that, for 1000 kWe CHP plants, a minimum number of 

farms ranging from 223-3185 with land size of 1 ha are re-

quired for the various feedstock types across districts in Ghana. 

Their study revealed that, for 1 ha maize, rice, cassava and co-

coa farm, 50 tonnes of residue are generated annually per year, 

however, lower technical residues were determined in this 

study (3.4 tonnes for 1ha each of maize, cocoa and rice). The 

differences can be attributed to variations in the crop yield, 

RPR and RR. Secondly, their study presented an ideal radius of 

dispersion ranging between 0.8 to 3.2 km for farms ranging 

between 223-3185 kg/m2.day. These values are lower com-

pared to the outcomes of this study with an ideal radius of clus-

ter between 0.74 – 2.12 km for 107 to 532 farms. The differ-

ences are as a result of the use of different technology types 

and sustainable residue densities. 

  

Gasifier capacity and electricity generated  

The total gasifier fuel power input was determined to be 45 

kWe based on the ICE efficiency of 22 %. Based on the ICE 

capacity of 10 kW and with characteristics as presented in Ta-

ble B.2 in Appendix B. The daily electricity generation was 

estimated to be 81 kWh for daily operational hours 9 (from 8 

am to 5 pm). A total annual net electricity generation of 72,000 

kWh taken into consideration annual operational hours of 8000. 

A 20 kWh 48V lead acid Flooded Battery was considered for 

energy storage. In the base case scenario and based on the ener-

gy need of the study area, electricity generated is considered to 

be used for rice milling (with a 5.5 kW electric motor) and 

maize milling (3 kW) and water pump (1.1 kW) for irrigation 

purposes.  

 

Economic analysis  

The investment cost for the base case financial analysis for all 

feedstock scenarios was estimated to be USD 33,053. The ma-

jor differences in the cost for the various feedstock types is 

mainly due to differences in the cost of biomass (due to the 

differences in the quantities required) and biomass transporta-

tion cost (due to variations in the cluster radius). In this study, 

total biomass cost consists of the purchase price of biomass and 

the transportation cost to the energy generation site. At a bio-

mass cost of 5 USD/tonne and a biomass transportation cost of 

USD 3.35 per tonne/km, rice straw had the highest biomass 

Table 3 Annual syngas, biomass, char and tar yield  

Parameters F1 F2 F3 F4 F5 F6 F7 F8 

Annual clean gas consumption (m3/y) 247,129 191,318 245,143 292,102 224,125 248,471 266,570 287,283 

Biomass feed rate dry basis (kg/h) 21.37 16.11 18.81 30.14 17.62 23.78 27.19 28.77 

SFC (kg/kWh) 2.37 1.79 2.09 3.35 1.96 2.64 3.02 3.20 

Air feed rate in (m3/h) 25.74 22.21 26.14 27.56 24.66 25.35 31.42 27.40 

Annual Biomass Consumption (t/y) dry basis 170.99 128.85 150.46 241.13 140.98 190.26 217.48 230.13 

Annual Char Production (t/y) dry 8.55 6.44 7.52 12.06 7.05 9.51 10.87 11.51 

Total tar quantities generated annually (kg/yr) 5868.91 683.00 10557.49 1419.61 7439.26 1100.73 7406.38 1025.60 
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Table 4  Parameters for the various feedstock categories 

Parameter F1 F2 F3 F4 F5 F6 F7 F8 

Investment cost 
33,053 33,053 33,053 33,053 33,053 33,053 33,053 33,053 

Labour cost 1,608 1,608 1,608 1,608 1,608 1,608 1,608 1,608 

Biomass cost 1,403 1,265 1,740 3,159 1,205 1,716 2,311 2,950 

Maintenance cost 4,113 3,975 4,450 5,869 3,915 4,426 5,020 5,660 

Revenue 
14,291 14,044 14,171 14,702 14,115 14,404 14,564 14,638 

Figure 6 Number of clustered farms and required radius for various residue types 

Figure 5 RPR, RR and technical residue potential per farm 

Figure 7  Number of clustered farms and required radius for Feedstock categories 
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cost of USD 3,406. Rice straw had the highest radius of disper-

sion of 2.16 km and therefore contributed to the increase in 

transportation cost.  

In the base case analysis, the Feed-in-Tariff (FiT) rate as 

reported by the Public Utility Regulatory Commission (PURC) 

Ghana as of 2016 of USD 0.13/kWh was used (PURC Ghana, 

2016). Electricity sale of USD13,288.68 was estimated to be 

generated annually with corresponding char sale ranging be-

tween USD 750 - 1,400 for the various feedstock types. The 

use of char as a soil amendment for USD 5.86 per 50 kg (10 % 

of the current price of NPK fertilizer) was considered. Rice 

husk had the highest revenue among the individual feedstock of 

USD 14,777 (see Table 4). Reduction in biomass cost and in-

crease in revenue for some feedstock types when used in blends 

as compared to individual scenarios were also observed. For 

example, cocoa pod husk in F1, F5 and F6, and rice straw in 

F4.  

With a project lifetime of 20 years, the results of the finan-

cial analysis revealed marginal profitability for maize stalk & 

husk, cocoa pod husk and maize cobs (see Table 5). However, 

rice straw and rice husk are not financially viable with NPV of 

USD -4,585 and –2,712 respectively. Despite the marginal 

profitability for some feedstock types using the NPV as the 

economic indicator, LCOE and IRR showed non-viability for 

all feedstock types. The Levelised cost of energy (LCOE) indi-

cates the minimum selling price of the electricity based on the 

cost incurred in the electricity generation. Values between 0.21 

- 0.24 USD/kWh were determined which is higher compared to 

the current FiT in Ghana of 0.185 USD/kWh. Ramamurthi et 

al. (2016) reported a lower LCOE of 0.116 - 0.13 USD/kWh 

for the CHP system using rice husk as feedstock.  The IRR also 

shows non-viability, particularly when compared with other 

possible streams of investment such as the treasury bill (which 

is above 25 %). In situations where the revenues are considered 

to be generated from only the sale of electricity, all the feed-

stock types are not financially viable. This result is in line with 

reported findings which indicate that gasification systems are 

not profitable in Ghana from the point of view of the investor 

particularly when electricity generation is the only stream of 

revenue generation (Arranz-Piera et al., 2018; Owen and Rip-

ken, 2017).  

All the feedstock categories considered were marginally 

Table 5  Economic viability indicators for individual feedstock 

 

 Cocoa pod husk Rice husk Rice straw 
Maize stalk 

and husk Maize cobs 

LCOE (USD/kWh) 0.21 0.23 0.24 0.21 0.21 

NPV (USD) 3,825 -2,712 -4,585 1,828 1,383 

IRR (%) 20.07 16.50 15.45 19.00 18.75 

Figure 8 Variation of NPV for project lifetime for feedstock categories 

Figure 9  Levelized cost of energy and IRR for feedstock categories 
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viable except F4 (consisting of rice straw and husk) which is 

not profitable (see Figure 8 and Figure 9). The radius of disper-

sion was observed to play a critical role in the financial viabil-

ity of the feedstock blends. F1, F5, F6 and F7 have a radius of 

dispersion lower than the individual feedstock types. The role 

of the radius of dispersion on the financial viability of the pro-

jects is further emphasized as the best two profitable feedstock 

scenarios F1 and F5 have the least cluster radius of 0.74 and 

0.82 respectively. Similarly, all the feedstock combinations 

considered are not viable at the current grid electricity price of 

USD 0.13/kWh.  

 

Sensitivity analysis  

Effects of RPR, RR and farm sizes on the number of clus-

tered farms 

The total number of farms needed to provide the required resi-

due quantities is an important parameter to ensure sustainable 

operations of gasification systems. As the number of farms 

increases, it becomes impractical to obtain the required number 

within the cluster radius. An increase in the RPR and RR de-

creases the number of farms required. The number of farms for 

maize cobs (maize farms) and rice husks (rice farms) was not 

significantly affected by the changes in the RPR. On the other 

hand, there was a significant variation in the number of cocoa 

farms from 165 to 67 farms for RPR of 0.90 and 2.20 respec-

tively. Similar trends were also observed for maize stalks & 

husks and rice straws. This finding implies that the use of real-

istic and correct RPR values is critical in ensuring sustainable 

operations of gasifier systems. The effects of RR on the num-

ber of clustered farms show similar trends to that of the RPR. 

Similar trends on the effect of RPR and RR on the number of 

farms were observed for the other feedstock categories. An 

increase in the farm sizes resulted in a decrease on the number 

of clustered farms required under feedstock categories. Consid-

ering an increase in the farm size to 10 ha each for cocoa, 

maize and rice results in a corresponding number of farms of 

15, 8 and 3 respectively. Comparing the base case number of 

farms of 148, 74 and 23 shows a significant decrease. 

 
Effects of sustainable density on radius of dispersion 

The sustainable residue density plays a critical role in deter-

mining the radius of dispersion of the feedstocks which intern 

affects the economic prospects of the gasification system. An 

increase in the sustainable residue densities results in a de-

crease in the radius of dispersion (see Figure 10). For feedstock 

category F1, a sustainable residue density of 1,298 kg/km2day 

results in a radius of dispersion (cluster radius) of 0.37 km 

compared to the base case of 0.74 km. A decrease in the radius 

of dispersion of the feedstock even though may reduce biomass 

transportation costs can also be a challenge to identify the re-

quired number of farms within the required cluster radius 

across farming communities in Ghana. The sustainable residue 

density is affected by the proximity of the farms to each other, 

the number of crops cultivated and the technical residue poten-

tial from each farm. The various feedstock categories are not 

financially viable from radius of dispersion as presented in Ta-

ble 6.  

 
 
Effects of Syngas Composition on NPV  

The effects of the volumetric composition of CO, H2 and CH4 

on the NPV were investigated. An increase in the volumetric 

composition especially CH4 resulted in a significant increase in 

the NPV (see Figure 11). This can be attributed to the higher 

energy content of methane which increased the syngas heating 

value and decreased the quantity of feedstock required. Even 

though F7 is profitable in the base case, a 21 % decrease in H2 

volumetric concentration (which is 9.38 % of H2 concentration 

in syngas) yielded a negative NPV of USD -21.20.  Feedstock 

category F8 is not profitable in the base case scenario, howev-

er, an increase in the concentration of CH4 beyond 5.90 % vol-

umetric concentration of the syngas yields financial viability. 

This result shows optimal syngas generation plays a critical 

role in the smooth running of gasification of crop residues. 

Even though the chemical characteristics of the feedstock affect 

the volumetric composition of the various gas species in the 

syngas, the optimal gasifier design and operating conditions are 

essential in improving the composition of the gas species 

 

Effects of changes in capital, biomass cost, debt ratio and 

electricity price on NPV  

 A 10 % increase in the current feed-in-tariff rate (i.e USD 

0.203/kWh) can ensure economic viability for all the individual 

and feedstock blends considered (see Figure 12). The result 

further shows that at the current grid electricity price of USD 

0.137/kWh, all the feedstock categories considered are not fi-

Table 6 Radius of dispersion from which feedstock is not 

technically viable 

Feedstock categories The radius of dispersion (R) 

F1 2.08 

F2 3.13 

F3 3.17 

F4 1.48 

F5 2.40 

F6 1.82 

F7 1.50 

F8 1.65 

Figure 10 Effects of sustainable residue density (d) on the radius of the cluster (R) 
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nancially viable implying that the gasification system cannot 

directly compete with national grid electricity and therefore 

unelectrified communities or hard to reach areas where grid 

extension will be expensive or impractical should be explored. 

However, in the quest to increase renewable energy in the na-

tional energy mix and to ensure sustainability in energy genera-

tion as stipulated in the renewable energy masterplan of Ghana, 

the provision of subsidies on the capital cost can ensure project 

viability at the current national grid electricity price. The re-

sults show that, at the current grid electricity price, the minimal 

level of subsidies required to ensure project viability is within 

the range of 30 – 70 % of the investment cost (see Table 7). 

Similar findings of the need for subsidies of up to 65 % to en-

sure the financial viability of biomass gasification projects in 

Ghana have been reported (Arranz-Piera et al., 2018). An in-

crease in biomass cost beyond the range of 10 % - 90 % (USD 

5.5 – 9.5/ tonnes) of the base case price results in non-financial 

viability for all feedstock categories. 

 

Optimisation of feedstock blends 

Optimal composition of feedstocks in the blends  

The highest quantity of each feedstock in the blends for the 

various objective functions was not the same. For feedstock 

category F1, maximizing syngas generation resulted in maize 

cobs with the highest feedstock composition of 112.414 tonnes, 

minimizing the number of farms had rice husk with the highest 

contribution of 93.68 tonnes and finally maximising NPV, co-

coa pod husk had the highest feedstock quantity of 112.41 

Figure 11 Effects of syngas volumetric composition on NPV for F1 

Figure 12 Effects of critical cost parameters on the NPV for F1 

Table 7 Minimum subsidies for profitability at national grid electricity price 

Feedstock Category Required subsidies (% of the capital cost) 

F1 30 
F2 40 
F3 50 

F4 50 

F5 30 
F6 60 

F7 60 

F8 70 
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Figure 13 Optimal composition of feedstock under the various feedstock categories 

Figure 14 Optimal and initial syngas quantity 

Figure 15 Optimal number of farms 

Figure 16 Optimal and initial NPV 
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tonnes. However, to satisfy all three objective functions, the 

optimal composition of the feedstock types in the blends re-

quires the annual composition of maize stalk & husk, cocoa 

pod husk, maize cobs, rice straw and rice husk of 90.86, 40.29, 

18.74, 18.74, 18.74 and 18.74 tonnes respectively. The results 

of the optimisation show that maize stalk & husk generally 

satisfies all three objective functions as it contributes the high-

est feedstock quantities in all cases where it’s part of the feed-

stock blends (see F1, F3, F5 and F7) (see Figure 13). This is 

followed by cocoa pod husk, rice husk, rice straw and maize 

cobs. The optimal composition of each feedstock type in the 

various feedstock categories varies depending on the feedstock 

types in the blends.  

  

Optimal syngas generation  

In the linear programming optimisation model, it was assumed 

that, the effect of blended feedstocks on syngas yield behaves 

as a simple linear combination of the individual feedstock in 

the blends as reported for thermochemical reactions (Edmunds 

et al., 2018). Similar linear correlation between individual and 

co-gasified feedstock for syngas yield of palm trunk and oil 

palm fronds have been reported by Umar et al. (2021) with a 

deviation of 2.8 % between experimental and estimated values. 

Generally, there was a 9 to 35 % increase in the syngas genera-

tion with the highest increase of 35.1 % determined for feed-

stock category F7 (see Figure 14). The results indicate that an-

nual syngas generation can increase with the optimal gasifica-

tion of feedstock blends.   

 

Optimisation of the number of farms  

The optimisation of the number of farms resulted in a percent-

age reduction ranging between 30 – 57 % (see Figure 15.). The 

highest farm reduction was observed in feedstock category F6. 

In a situation where equal feedstock quantities are required, 

448 farms consisting of 384 cocoa and 63 rice farms are need-

ed. However, based on the optimal feedstock composition, the 

total optimal number of farms needed is 191 consisting of 77 

and 114 cocoa and rice farms respectively.  

 

Optimisation of NPV  

The initial NPV for the various feedstock blends in most cases 

(F1, F4, F5 and F6) were higher than the optimal NPV to satis-

fy all the objective functions. Higher optimal NPV as compared 

to the base case was however observed for feedstock categories 

F3 and F7 (see Figure 16). The lower optimal NPV observed is 

generally contributed by the high cluster radius for the individ-

ual feedstock, which increased biomass cost. In the base case 

analysis for the feedstock categories, higher sustainable residue 

densities were considered (with the assumption that the feed-

stock in the blends is in clusters) which therefore contributed to 

higher NPV.  

  

Conclusion 
The aim of this study was to develop an optimal techno-

economic model for the gasification of crop residues from clus-

tered small/medium-scale farms. The developed framework 

consists of a systematic approach to performing techno-

economic analysis for the gasification of crop residues for elec-

tricity generation based on feedstock characteristics with opti-

misation of syngas generation, feedstock supply and economic 

parameters. The results revealed specific fuel consumption 

ranging from 1.79 – 3.53 kg/kWh. The economic analysis 

showed marginal profitability except for rice husk and straw 

which are not profitable at the current Feed-in-tariff rate in 

Ghana. At the current grid electricity price, the minimum level 

of subsidies required to ensure the financial viability of the 

feedstocks is within the range of 30 – 70 % of the investment 

cost. A total number of farms ranging between 107-532 are 

required to be clustered within a radius of 0.74 – 2.12 km to 

obtain the right quantity of feedstock with a cluster radius 

greater than 3.91 km not being financially viable.  

The developed linear programming optimisation model 

optimised the fraction of each feedstock type in the blends with 

a corresponding increase in syngas generation within the range 

of 9 to 35 % and a decrease in the number of farms required 

within a range of 30 – 57 %. The outcome of the study demon-

strates that sustainable gasification of crop residues for mini-

grid electricity generation requires co-gasification of the vari-

ous residue types, valorisation of by-products such as unburnt 

char increase in the current feed-in-tariff rate in Ghana and 

provision of necessary subsidies on the investment cost to en-

sure financial viability. Based on the outcomes of the techno-

economic model, specific rural farming communities that can 

meet the conditions of the techno-economic model to ensure 

technical and economic viability should be identified. 

 

Conflict of Interest Declarations 
The authors declare no conflict of interest. 

 

References 
Akkache, S., Hernández, A. B., Teixeira, G., Gelix, F., Roche, 

N., Ferrasse, J. H. (2016). Co-gasifcation of wastewater 

sludge and different feedstock: feasibility study. Biomass 

Bioenergy, 89 (1), pp. 201-209. https://doi.org/10.1016/

j.biombioe.2016.03.003 

Akolgo, G. A., Kemausuor, F., Essandoh, E. O., Atta-Darkwa, 

T., Bart-Plange, A., Kyei-Baffour, N., Maia, C. M. B. F. 

(2019). Review of biomass gasification technologies: 

guidelines for the Ghanaian situation. International Journal 

of Engineering Science and Application, 3 (4), pp.152-158. 

All Power Labs (2021). The global leader in small-scale gasifi-

cation. Available at: https://www.allpowerlabs.com/wp-

content/uploads/2014/05/APL_2014catalog_5_ 

1314small.pdf  [Accessed 15 December 2021].  

Anenberg, S. C., Henze, D. K., Lacey, F., Irfan, A., Kinney, P., 

Kleiman, G., Pillarisetti, A. (2017). Air pollution-related 

health and climate benefits of clean cookstove programs in 

Mozambique.  Environ. Res. Lett., 12 (1), pp. 1-12. https://

doi.org/10.1088/1748-9326/aa5557. 

Arranz-Piera, P., Bellot, O., Gavaldà, O., Kemausuor, F., Velo, 

E. (2016). Trigeneration based on biomass - specific field 

case: agricultural residues from smallholder farms in Gha-

na. Energy Procedia, 93 (1), pp. 146-153. https://

doi.org/10.1016/j.egypro.2016.07.163. 
Arranz-Piera, P., Kemausuor, F., Addo, A., Velo, E. (2017). 

Electricity generation prospects from clustered smallholder 

and irrigated rice farms in Ghana. Energy, 121 (1), pp. 246

-255. https://doi.org/10.1016/j.energy.2016.12.101 

Arranz-Piera, P., Kemausuor, F., Darkwah, L., Edjekumhene, 

I., Cortes, J., Velo, E. (2018). Mini grid electricity service 

based on local agricultural residues: feasibility study in 

rural Ghana. Energy. 153 (1), pp. 443 – 454. https://

doi.org/10.1016/j.energy.2018.04.058 
Atiya, A. E., Morad, M. M., Tawfik, M. A., Wasfy, K. I. 

(2017). Fabricating and performance evaluating of an ex-

perimental prototype of downdraft biomass gasifier. Agri-

cultural Engineering, 44 (2), pp. 727–740. https://

doi.org/10.21608/ZJAR.2017.53905.  

Basu, P.  (2018). Gasification theory, In: P. Basu (ed.), Bio-

mass Gasification, Pyrolysis and Torrefaction (Third Edi-

tion), Cambridge: Academic Press. pp. 211-262  https://

doi.org/10.1016/B978-0-12-812992-0.00007-8. 

82 

https://doi.org/10.1016/B978-0-12-812992-0.00007-8


Journal of the Ghana Institution of Engineering (2023) 23:4  

https//doi.org/10.56049/jghie.v23i4.114 JGhIE 

Belonio, A. T. (2005). Rice husk gas stove handbook. Appro-

priate Technology Center. Department of Agricultural En-

gineering and Environmental Management College of Ag-

riculture Central Philippine University Iloilo City, Philip-

pines. Available at: bioenergylists.org/stovesdoc/Belonio/

Beloniogasifier.pdf [Accessed 15 January 2021]. 

Belonio, A. T., Regalado, M. J. C., Castillo, P. R. (2018). De-

velopment of an appropriate rice-based biomass gasifier as 

source of power for farm use. Open Access Library Jour-

nal, 5 (12), pp. 1-16. https://doi.org/10.4236/oalib.1105054 
Biagini, E., Barontini, F., Tognotti, L. (2015). Gasification of 

agricultural residues in a demonstrative plant: Corn cobs. 

Bioresource Technology, 173 (1), pp. 110–116. 

Buragohain, B., Mahanta, P., Moholkar, V. S. (2010). Biomass 

gasification for decentralized power generation: The Indian 

perspective. Renew. Sustain. Energy Rev., 14 (1), pp. 73–

92. 

Cao Y., Bai, Y., Du, J. (2022). Co-gasification of rice husk and 

woody biomass blends in a CFB system: A modelling ap-

proach. Renewable Energy, 188 (1), pp. 849-858. https://

doi.org/10.1016/j.renene.2022.01.083  

Commeh, M.K.  Kemausuor, F.  Badger, E.N.  Osei, I. (2019). 

Experimental study of ferrocement downdraft gasifier en-

gine system using different biomass feedstocks in Ghana. 

Sustainable Energy Technologies and Assessments, 31 (1), 

pp. 124 –131. https://doi.org/10.101 6/j.seta.2018.12.016 

Copa, J. R., Tuna, C. E., Silveira, J. L., Bolo, R. A. M., Brito, 

P., Silva, V., Cardoso, J., Eusébio, D. (2020). Techno-

economic assessment of the use of syngas generated from 

biomass to feed an internal combustion engine. Energies, 

13 (12), 3097. doi:10.3390/en13123097.  

Dalmiş, I. S., Kayişoğlu, B., Tuğ, S., Aktaş, T., Durgut, M. R., 

Durgut, F. T. (2018). A prototype downdraft gasifier de-

sign with mechanical stirrer for rice straw gasification and 

comparative performance evaluation for two different air-

flow paths, Tarım Bilimleri Dergisi. Journal of Agricultur-

al Sciences, 24 (3), pp. 329-339. https://doi.org/10.15832/

ankutbd.456649.  

Di Carlo, A., Savuto, E., Foscolo, P. U., Papa, A. A., Tacconi, 

A., Del Zotto, L., Aydin, B., Bocci, E. (2022). Preliminary 

results of biomass gasification obtained at pilot scale with 

an innovative 100 kWth dual bubbling fluidized bed gasifi-

er. Energies, 15 (12), pp. 4369. https://doi.org/10.3390/

en15124369 

Edmunds, C. W., Reyes, M. E. A., André, N., Hamilton, C., 

Park, S., Fasina, O., Adhikari, S., Kelley, S. S., Tumuluru, 

J. S., Rials, T. G., Labbé, N. (2018).  Blended Feedstocks 

for Thermochemical Conversion: Biomass Characteriza-

tion and Bio-Oil Production from Switchgrass-Pine Resi-

dues Blends. Front. Energy Res., 6 (1), pp. 1-16, doi: 

10.3389/fenrg.2018.00079 

El-Sattar, H. A., Kamel, S., Jurado, F. (2020). Fixed bed gasifi-

cation of corn stover biomass fuel: Egypt as a case study. 

Biofuels, Bioproducts and Biorefining, 14 (1), pp. 7–19. 

Energy Commission Ghana (2016). A baseline study of renew-

able energy technologies in Ghana. Available at: 

energy com.gov.gh/rett/documents-downloads?down 

load=173: baseline-study-of-renewable-energ y-

technologies [Accessed 13 February 2019]. 

Energy Commission Ghana (2018). National energy statistics 

2008 – 2017. Available at: http://energycom.gov.gh/files/ 

ENEER GY_STATISTICS_2017_Revised.pdf [Accessed 

15 June, 2019]. 

Energy Commission Ghana (2020). National energy statistics 

2000 – 2019. Available at: http://energycom.gov.gh/file 

s/2020 %2 0ENEGY% 20STATISTICS-revised.pdf. 

[Accessed 20 March 2021]. 

Energy Commission Ghana. (2021) Energy outlook for Ghana. 

(2021). Available at: http://www.energycom.gov.gh/

planning/datacenter/energyoutlookforghana?

Download=120:e nergy [Accessed 21 November, 2021]. 

Gunasekaran, A. P., Chockalingam, M. P., Padmavathy, S. R., 

Santhappan, J. S. (2021). Numerical and experimental in-

vestigation on the thermochemical gasification potential of 

Cocoa pod husk (Theobroma Cacoa) in an open-core gasi-

fier. Clean Technologies and Environmental Policy, 23 (5), 

pp. 1603–1615. https://doi.org/10.1007/s10098-021-02051

-w 

Hoque ME, Rashid F, Aziz M. (2021). Gasification and power 

generation characteristics of rice husk, sawdust, and coco-

nut shell using a fixed-bed downdraft gasifier. Sustainabil-

ity, 13 (4), pp. 1-18. https://doi.org/10.3390/su13042027 

Inayat, M. S., Shaharin, A. K., Jundika, C., Shahbaz, M. 

(2016). Effect of blending ratio on co-gasification perfor-

mance of tropical plant-based biomass. 4th IET Clean Ener-

gy and Technology Conference (CEAT 2016), Kuala Lum-

pur, Malaysia, pp. 1-7. https://doi.org/10.1049/

cp.2016.1331. 

Indrawan, N., Simkins, B., Kumar, A., Huhnke, R. L. (2020). 

Economics of distributed power generation via gasification 

of biomass and municipal solid waste. Energies, 13 (14), 

pp. 3703 https://doi.org/10.3390/en13143703. 

Indrawan, N., Thapa, S., Bhoi, P. R., Huhnke, R. L., Kumar, A. 

(2017).  Engine power generation and emission perfor-

mance of syngas generated, from low-density biomass. 

Energy Conversion and Management, 148 (1), pp.593–

603. https://doi.org/10.1016/j.enconman.2017.05.066 

Kemausuor F., Addo, A., Ofori, E., Darkwah, L., Bolwig, S., 

Nygaard, I. (2015). Assessment of technical potential and 

selected sustainability impacts of second-generation bioen-

ergy in Ghana. PhD Thesis, Kwame Nkrumah University 

of Science and Technology, Kumasi. 

Kirsanovs, V., Blumberga, D., Veidenbergs, I., Rochas, C., 

Vigants, E., Vigants, G. (2017). Experimental investigation 

of downdraft gasifier at various conditions. Energy Proce-

dia, 128 (1), pp. 332–338. https://doi.org/10.1016/

j.egypro.2017.08.321 

 Kontor S. (2013). Potential of biomass gasification and com-

bustion technology for small-and medium-scale applica-

tions in Ghana. Available at: https://core.ac.uk/download/

pdf/38098807.pdf [Accessed 13 February, 2021]. 

Lan, K., Ou, L., Park, S., Kelley, S. S., English, B. C., Yu, T. 

E., Larson, J., Yao, Y. (2021). Techno-Economic Analysis 

of decentralized preprocessing systems for fast pyrolysis 

biorefineries with blended feedstocks in the southeastern 

United States. Renew. Sustain. Energy Rev., 143 (1), 

110881. https://doi.org/10.1016/j.rser.2021.110881   

 Lubwama, M. (2010). Technical Assessment of the functional 

and operational performance of a fixed bed biomass gasifi-

er using agricultural residues, Master of Science Thesis, 

School of Industrial Engineering and Management Divi-

sion of Heat and Power Technology, Stockholm. 

Ma, Z., Ye, J., Zhao, C., Zhang, Q. (2015). Gasification of rice 

husk in a downdraft gasifier:  the effect of equivalence 

ratio on the gasification performance, properties, and utili-

zation analysis of by-products of char and tar.  BioRe-

sources, 10 (2), pp. 2888-2902. 

Makwana, J. P., Joshi, A. K., Athawale, G., Singh, D., Mohan-

83 

https://doi.org/10.1016/j.renene.2022.01.083
https://doi.org/10.1016/j.enconman.2017.05.066


Journal of the Ghana Institution of Engineering (2023) 23:4  

https//doi.org/10.56049/jghie.v23i4.114 JGhIE 

ty, P. (2015). Air gasification of rice husk in bubbling flu-

idized bed reactor with bed heating by conventional char-

coal. Bioresource Technology, 178 (1), pp. 45-52. doi: 

http://dx.doi.org/10.1016/j.biortech.2014.09.111 

Martínez, L. V., Rubiano, J. E., Figueredo, M., Gómez, M. F. 

(2020). Experimental study on the performance of gasifica-

tion of corncobs in a downdraft fixed bed gasifier at vari-

ous conditions.  Renewable Energy, 148 (1), pp. 1216 –

1226. https://doi.org/10.1016/j.renene.2019.10.034 

Murugan, P. C., Sekhar, S. J. (2017). Species – Transport CFD 

model for the gasification of rice husk (Oryza Sativa) using 

downdraft gasifier. Computers and Electronics in Agricul-

ture, 139 (1), pp.33-40. 

Osei I., Addo A., Kemausuor F. (2021). Crop residues utiliza-

tion for renewable energy generation in ghana: review of 

feedstocks assessment approach, conversion technologies 

and challenges. Ghana Journal of Technology, 5 (2), pp. 29

– 42. 

Osei, I., Akowuah, J. O., Kemausuor, F. (2016). Techno-

economic models for optimised utilisation of Jatropha Cur-

cas Linnaeus under an out-grower farming scheme in Gha-

na.  Resources, 5 (4), pp. 1-38.  

Owen, M, Ripken, R. (2017). Bioenergy for Sustainable Energy 

Access in Africa, Technology Country Case   Study Report 

(incorporating Country Scoping Reports) Submitted to 

DFID, Available at: https://

assets.publishing.service.gov.uk/

media/5ab4d98fe5274a1aa593342f/T echnology_Country 

_Case_ Study_Report__for_circulation.pdf [Accessed 4 

June 2019]. 

Pereira, E. G., da Silva, J. N., de Oliveira, J. L., Machado, C. S. 

(2012). Sustainable energy: a review of gasification tech-

nologies. Renewable and Sustainable Energy Reviews, 16 

(7), pp. 4753-4762. https://doi.org/10.1016/

j.rser.2012.04.023 

Porcu, A., Sollai, S., Marotto, D., Mureddu, M., Ferrara, F., 

Pettinau, A. (2019). Techno-economic analysis of a small-

scale biomass-to-energy bfb gasification-based system. 

Energies 12 (3), pp. 494. https://doi.org/10.3390/

en12030494 

Prasad, L., Subbarao, P. M. V., Subrahmanyam, J. P. (2014). 

Pyrolysis and gasification 417 characteristics of Pongamia 

residue (de-oiled cake) using thermogravimetry and 

downdraft gasifier. Appl. Therm. Eng., 63 (1), pp. 379–

386. https://doi.org/10.1016/j.applthermaleng.2013.11.005 

Public Utility Regulatory Commission Ghana (PURC) Ghana 

(2016). Publication of feed-in-tariffs for electricity generat-

ed from renewable energy. Available at: https://

www.purc.com.gh/attachment/302019-

20210309110342.pdf  [Accessed 12 June 2021]. 

Rahimi, M. J., Hamedi, M. H., Amidpour, M., Livani, E. 

(2020). Technoeconomic evaluation of a gasification plant: 

modelling, experiment and software development. Waste 

and Biomass Valorization, 11 (2), pp. 6815–6840.  https://

doi.org/10.1007/s12649-019-00925-1 

Ramamurthi, P. V., Fernandes, M. C., Nielsen, P. S. and Pedro 

N. C. (2016), Utilisation of rice residues for decentralised 

electricity generation in Ghana: An economic analysis. 

Energy, 111 (18), pp. 620-629. 

Salisu, J., Muhammad, M. B., Atta, A. Y., Mukhtar, B., Yusuf, 

N., Waziri, S. M., Bugaje, I. M. (2019). Theoretical and 

experimental studies of rice husk gasification using air as 

gasifying agent in a downdraft gasifier. Nigerian Research 

Journal of Engineering and Environmental Sciences, 4 (2), 

pp. 645-657. 

Sansaniwal, S. K., Pal, K., Rosen, M. A., Tyagi, S. K. (2017). 

Recent advances in the development of biomass gasifica-

tion technology: A comprehensive review. Renewable and 

Sustainable Energy Reviews, 72 (1), pp. 363–384. https://

doi.org/10.1016/j.rser.2017.01.038. 

Suhartono, S. Prasetyo, B. D., Azizah I. N. (2016).  Synthetic 

gas (syngas) production in downdraft corncob gasifier and 

its application as fuel using conventional domestic (LPG) 

stove. ARPN Journal of Engineering and Applied Scienc-

es, 11 (8), pp. 5238–5243. 

Susanto, H., Suria, T., Pranolo, S. H. (2018). Economic analy-

sis of biomass gasification for generating electricity in ru-

ral areas in Indonesia. IOP Conf. Ser. Mater. Sci. Eng. 334, 

012012. https://doi.org/10.1088/1757-899X/334/1/012012 

Susastriawan, A. A. P, Saptoadi H., Purnomo (2019). Compari-

son of the gasification performance in the downdraft fixed-

bed gasifier fed by different feedstocks: Rice husk, saw-

dust, and their mixture. Sustainable Energy Technologies 

and Assessments, 34 (1), pp. 27–34. https://

doi.org/10.1016/j.seta.2019.04.008 

Umar, H. A., Sulaiman, S. A., Said, M. A., Gungor, A., Ah-

mad, R. K., Inayat, M. (2021). Syngas production from 

gasification and co-gasification of oil palm trunk and frond 

using a down-draft gasifier. Int J Energy Res., 45 (5), pp. 

8103–8115. https://doi.org/10.1002/er.6345 

Velo E. (2011). Overview of small-scale biomass to electricity 

technologies. Proceedings of the International Workshop 

Small Scale Biomass Systems for Electricity Generation 

and Decentralised Energy Services, 15-16 November 2010, 

Universitat Politècnica de Catalunya, Barcelona. ISBN 978

-8461571635. 

Worall, M., Darkwa, J., Adjei, E., Calautit, J., Kemausuor, F., 

Ahiekpor, J., Nelson N. (2021). A small-scale gasifier-

generator fueled by cocoa pod husk for rural communities 

in Ghana. Energy Proceedings, 14 (1), pp. 1–4. 

Yassin, L., Lettieri, P., Simons, S. J. R., Germanà, A. (2009). 

Techno-economic performance of energy-from-waste flu-

idized bed combustion and gasification processes in the 

UK context. Chemical Engineering Journal, 146 (3), pp. 

315–327. 

 

84 



Journal of the Ghana Institution of Engineering (2023) 23:4  

https//doi.org/10.56049/jghie.v23i4.114 JGhIE 

Table A.1 Proximate, ultimate and calorific values of crop residues  

Alternatives 
MCd 

(wt.%) 
PA 

(wt.%) 
PC 

(wt.%) 
PV 

(wt.%) 
C 

(wt.%) 
H 

(wt.%) 
O 

(wt.%) 
S 

(wt.%) 
N 

(wt.%) 
CV (MJ/

kg) 

Rice husk 7.15 20 12.8 59.97 40.1 5.2 34 0.7 0.16 12.9 

Rice straw 8.68 9.46 9.76 72.11 39.9 5.9 43 0.6 0.85 14.6 
Maize stalk 

&husk 8.27 7.92 12.8 71.01 44.1 6.5 40 0.4 0.99 14.3 

Maize cobs 9.05 2.21 13 75.72 43.5 6.9 47 0.2 0.64 15.7 
Cocoa pod 

husk 10.98 7.86 16.6 64.57 42.1 5.7 42 0.8 1.49 14.3 

APPENDICES  

Appendix A 

Table A.2 Sources for volumetric syngas composition, equivalence ratio and tar content of the various feedstock types  

Feedstock type Reference 

Cocoa pod husk (Susanto et al., 2018; Worall et al., 2021; Ma et al., 2015; Gunasekaran 

et al., 2021) 
Rice husk (Susastriawan et al., 2019; Ma et al., 2015; Copa et al., 2020; Murugan 

and Sekhar 2017; Salisu  et al. (2019)) 
Rice straw (Dalmiş et al., 2018; Belonio et al., 2018) 
Maize stalk&husk (Atiya et al., 2017; El-Sattar et al., 2020) 

Maize cobs (Lubwama, 2010; Suhartono et al., 2016; Biagini, et al. 2015; Martínez 

et al. (2020)) 

Table A.3 Parameters and assumptions for the economic analysis 

Parameter Value Unit Reference 

Gasifier biomass power plant (fixed bed downdraft gasifi-

er, cleaning unit, battery bank) 
2000 USD/kW (Copa et al., 2020) 

Installation cost 10 % Cost of gasifier plant (Copa et al., 2020) 

Auxiliary costs (piping, civil and structure, electrical, etc.) 15% Investment cost (Rahimi et al., 2020) 

Cost of engine system and electric generator 504.32 USD/kW (Copa et al., 2020) 

Contingency cost 10% Investment cost (Yassin et al., 2009) 

Cost of biomass 5 USD/tonne (Arranz-Piera et al., 2017) 

Staff cost management and operations 1,608 USD/year Determined based on mini-

mum wage in Ghana for 1 

skilled and 2 unskilled staff 
Biomass transportation cost 3.35 USD/km Field data 

Annual escalation rate for other operating and mainte-

nance cost aside fuel cost (2%) 
2% Operating and mainte-

nance 
(Arranz-Piera et al., 2017) 

Annual fuel cost escalation rate 2%     

Salvage value of plant 15% Investment cost (Indrawan et al., 2020) 

        

Project life time years 20 (Rahimi et al., 2020) 

Feed-in-tariff rate (Reference October 2016) 0.185 USD/kWh (PURC Ghana, 2016) 

Annual plant operational hours hours 8000 (Rahimi et al., 2020) 

Discount rate 0.18 - (Osei et al., 2016) 

Table A.4 RPR and RR values for the sensitivity analysis 

Residue types RPR RR 

cocoa pod husk 2.2-0.9 0.4-0.88 
rice husk 0.23-0.28 0.45-0.99 
rice straw 1.28-3.05 0.18-0.80 
maize stalk 1-4.75 0.15-0.8 
maize cobs 0.25-0.3 0.4-0.88 
Maize husk 0.2-0.26 0.4-0.88 
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Appendix B 

Table A.6 Syngas composition and sustainable residue density for sensitivity analysis 

Scenario Volumetric syngas composition (%) 
d (kg/km2 day) 

F1 

H2 8.75-14.18   

CO 13.57-20.39 328.77-1298.63 

CH4 2.92-6.70   

F2 

H2 2.66-17.33   

CO 13.60-24.67 109.59-432.88 

CH4 3.80-14.18   

F3 

H2 13.63-14.18   

CO 16.64-19.61 57.53-432.88 

CH4 2.92-3.15   

F4 

H2 8.75-11.05   

CO 13.57-15.90 57.53-432.88 

CH4 3.08-3.45   

F5 

H2 11.90-14.18   

CO 16.64-20.39 219.18- 865.75 

CH4 2.92-6.70   

F6 

H2 8.75-11.90 219.18-865.75 

CH4 3.08-6.70   

F7 

H2 8.75-14.18   

CO 13.57-19.61 115.07-865.75 

CH4 2.92-3.45   

F8 

H2 2.12-14.00   

CO 10.83-22.00 57.53-432.88 

CH4 0.17-11.60   

Table B.1 Syngas characteristics of individual feedstock types  

Parameters 
cocoa pod 

husk Rice husk 
Rice 

straw 
Maize stalk 

and husk 
maize 

cobs 

Specific gas yield Vg (Nm3/kg feedstock) 1.48 1.25 1.17 1.59 1.64 

Carbon conversion efficiency (%) 77.35 48.66 45.92 63.50 69.68 

Cold Gas Efficiency (%) 70.39 43.75 34.96 61.31 53.32 

Gasifier Efficiency (Coefficient of thermal conversion) 0.63 0.39 0.32 0.55 0.48 

Overall System Efficiency (%) 14.08 8.75 6.99 12.26 10.66 
Clean gas Flow rate (m3/h) 23.91 35.91 37.14 29.53 31.84 
Biomass feed rate dry basis (kg/h) 16.11 28.77 31.74 18.53 19.38 

Specific Fuel consumption in (kg/kWh) 1.79 3.20 3.53 2.06 2.15 
Char Production Rate (kg/h) dry 0.805 1.438 1.587 0.926 0.969 

Total quantity of tar generated (kg/hr) 0.09 0.13 0.23 1.88 0.07 

Table A.5 Range of cost components considered for sensitivity analysis 

Parameter Base case Minimum Maximum 

Biomass cost 5 0.00 10 
Level of subsidy of Initial Invest-

ment cost (%) 0 50.00 100.00 

Electricity selling tariffs 0.185 0.137 0.240 
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Table B.2 Parameters for electricity generation 

Parameter Value 

Gross Electrical Capacity (kWe) 10 (50 HZ) 

Capacity Factor (%) 90 

Net Electrical Capacity (kWe) 9 

Parasitic Load (kWe) 1 

Annual Hours 8000 

Annual Net Electricity Generation (kWh) 72000 

Engine characteristics  

Model GM Vortec 3.0 L 

Number of strokes 4 

Compression value  9.4:1 

Max power (kW) 37 

Max power torque (Nm) 73 

Max rotation (rpm) 3000 

Generator characteristics 0 

Model Mecc Alte NPE 32 

Frequency 50 HZ 

Voltage (V) 220 

Figure B.1 Effects of changes in RPR on the number of farms for F1 

Figure B.2 Effects of changes in RR on the number of farms for F1 
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Table B.3 Optimization values for individual objective funcions  

Feedstock 

Categories Feedstock Types 
Optimal feedstock composition for 

Individual Objective Function 
Optimal feedstock composition 

for all three Objective Functions 

    F (X1) F(X2) F(X3)          F (X1) F(X2) F(X3) 

F1 

Cocoa pod husk (kg) 18736 18736 112414 40287 

Rice husk (kg) 18736 93679 18736 18736 

Rice straw (kg) 18736 37471 18736 18736 

Maize stalk and Husk (kg) 18736 18736 18736 90863 

Maize cobs (kg)    112414 18736 18736 18736 

Function value optimization 287687 174 2442 280752 245 1447 

                

F3 

Maize stalk and Husk (kg) 49347 49347 115143 108392 

Maize cobs (kg) 115143 115143 49347 56098 

Function value optimization 267837 111 1926 264951 111 1905 

                

F4 

Rice husk (kg) 183302 183302 183302 183302 

Rice straw (kg) 78558 78558 78558 78558 

Function value optimization 320740 159 -5923 320740 159 -5923 

                

F5 

Maize stalk &husk 31033 31033 31033 108410 

Rice husk 108617 108617 15517 15517 

Cocoa pod husk 15517 15517 108617 31241 

Function value optimization 250962 151 3411 244692 198 2343 

                

F6 

Rice husk (kg) 146249 146249 146249 146249 

Rice straw (kg) 41786 41786 41786 41786 

Cocoa pod husk (kg) 20893 20893 20893 20893 

Function value optimization 293759 191 2420 293759 191 2420 

                

F7 

Maize stalk & husk (kg) 23713 23713 161574 161574 

Maize cobs (kg) 165990 23713 28129 25707 

Rice husk (kg) 23713 23713 23713 26135 

Rice straw (kg) 23713 165990 23713 23713 

Function value optimization 367861 147 1114 360166 156 1046 

Figure B.3 Effects of variation of Ideal Radius of dispersion on the NPV 
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