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Abstract

This article examines the factors that determine students’ acceptance of
social networks for learning at the Virtual University of Cote d’Ivoire. It
investigates whether the expected added value in terms of performance
was the primary factor motivating their adoption in learning or training
activities. The Unified Theory of Acceptance and Use of Technology
model was adopted as the theoretical framework, with data gathered by
means of an online survey, to which 315 students responded, and analysed
using a partial least squares structural model. The study found that the
intention to use social networks for learning is primarily determined by
effort expectancy, while social influence is the second most important
determinant. While performance expectancy was found to be the least
important factor, the results show that it had a positive effect on men’s
intention to use social networks for learning, but a negative effect for
women.

Key words: social networks, Unified Theory of Acceptance and Use
of Technology (UTAUT), acceptance, learning, partial least squares
structural model

Résumé:

Cet article examine les facteurs qui déterminent l'acceptation par
les étudiants des réseaux sociaux pour l'apprentissage a 1'Université
virtuelle de Cote d’Ivoire. Il cherche a savoir si la valeur ajoutée attendue
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en termes de performance est le principal facteur motivant leur
adoption dans les activités d’apprentissage ou de formation. Le modele
de la théorie unifiée de 'acceptation et de l'utilisation de la technologie
a été adopté comme cadre théorique. Les données ont été recueillies au
moyen d’une enquéte en ligne a laquelle 315 étudiants ont répondu et
ont été analysées a I'aide d'un modele structurel des moindres carrés
partiels. L'étude a révélé que l'intention d'utiliser les réseaux sociaux
pour l'apprentissage est principalement déterminée par l'attente d'un
effort, tandis que l'influence sociale est le deuxiéme déterminant le
plus important. Alors que l'attente de performance s’est avérée étre le
facteur le moins important, les résultats montrent qu'elle a un effet
positif sur I'intention des hommes d’utiliser les réseaux sociaux pour
I'apprentissage, mais un effet négatif pour les femmes.

Mots clés: réseaux sociaux, théorie unifiée de lacceptation et de
l'utilisation des technologies (UTAUT), acceptation, apprentissage,
modeéle structurel des moindres carrés partiels.

Introduction

The Virtual University of Cote d’Ivoire (UVCI), which was established by
decree No. 2015-775 of 9 December 2015, aims to develop and popularise
distance education. In the 2021/2022 academic year, it enrolled more
than 10 ooo students residing in both rural and urban areas.

Through a digital platform, Moodle, the UVCI trains students in
digital and computer science professions according to the Licence,
Master, Doctorat system employing a wholly distance learning modus
operandi.

Scattered across the country, UVCI students have formed
communities in different regions and in neighbourhoods around
Abidjan to support one another. Each has an elected official who
coordinates activities and mentors new members. He/she is also the
interface between the administration and students for any problems
encountered.

Each community has created a WhatsApp group to support the
communication initially carried out on Facebook. This tool will also
be used for training purposes. In addition to social concerns, students
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exchange information on socio-cultural activities, the integration of
newcomers and courses and learning.

In the communities of Korhogo in the north of the country, Daloa
in the centre-west and Man in the west, social networks are used for
learning activities. Smartphones are employed for personal exchanges
and sharing of resources (texts, images, videos, etc.). This corroborates
Hamdani’s (2019) assertion that modern learners are inclined to make
use of social networks in learning activities. Mlaiki et al. (2012) note
that they enable learners to continue learning activities outside the
classroom using web tools, while Bandura and Walters (1963) state that
social networks promote collaborative learning through rich exchanges
between members. They facilitate peer exchange and improved learning,
and enrich teaching and learning by enhancing their effectiveness
(Alhedaithy and Almobarraz, 2017). Given that social networks were
initially considered as entertainment platforms used during students’
spare time to maintain friendly relationships (Thivierge, 2011), what
factors have contributed to their acceptance in the field of teaching and
learning? Nouhou etal.’s (2022) study at Niger’s universities and colleges
found that students’ intention to use social networks was significantly
influenced by performance expectancy, effort expectancy and social
influence. This was also found to be the case among Indonesian students
(Sidik and Syafar, 2020). A study conducted in Saudi Arabia concluded
that variables such as learning expectancy, effort expectancy and social
influence were significant predictors of students’ intention to use
mobile learning technologies (Alasmari and Zhang, 2019). Similarly,
performance expectancy, social influence and facilitating conditions
primarily determined Taiwanese physical education students’ decision
to use social networks in their training (Liu et al., 2016). Jung and Lee
(2015) showed that in Japan, students’ intention to use YouTube was
primarily determined by performance expectancy. However, when
learning occurs solely through distance learning platforms, social
influence appears to be the only significant determining factor of such
intention (Lin and Lin, 2019). In the African context, Adjanohoun and
Agbanglanon (2022) found that social influence and effort expectancy
rather than performance expectancy mainly determined the decision to
employ social networks for learning among students at the Senegalese
Virtual University. Our study sought to ascertain whether these findings
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hold in the context of students at the UVCI and to investigate the factors
that might influence their intention to use social networks for learning.
It aimed to establish whether performance expectancy is of greater
significance than social influence and whether the desire to perform
well is the most significant factor.

The article begins by discussing the theoretical framework
employed, followed by the methodology, the results of the data collection
and analysis, and a discussion on the findings.

Theoretical Framework

Boyd and Ellison (2007) define digital social networks as communities
of users connected through web platforms. Using the tools available on
these platforms, users define profiles and share digital content within
the network.

This study employed the Unified Theory of Acceptance and Use
of Technology (UTAUT) model that sets out the factors that influence
individuals’ intention to adopt and use digital technologies in different
environments (Venkatesh et al., 2016). In 2003, four researchers
conducted an in-depth study of eight models of technology acceptance
(Venkatesh etal., 2003). The UTAUT is a synthetic model that was built on
the Theory of Reasoned Action (Ajzen and Fishbein, 1980); Technology
Acceptance Model (Davis, 1989); Motivation Model; Theory of Planned
Behavior (Ajzen, 1991); Combined Model of Technology Acceptance and
Theory of Planned Behavior; PC Use Model; Diffusion of Innovations
Theory (Rogers, 2003); and Social Cognitive Theory (Bourdon and
Hollet-Haudebert, 2009). It posits that four factors determine user
acceptance of technology, namely, performance expectancy, effort
expectancy, social influence, and facilitating conditions. In the context
of the UVCI, the use of the UTAUT model enabled us to identify the
predictors of students’ intention to accept and use social networks for
learning, based on performance expectancy, effort expectancy, social
influence, facilitating conditions, intention to use, and expectation of
use (Venkatesh et al., 2003).

Performance expectancy relates to the belief that one will achieve
better results by using social networks in one’s learning. Many studies
have established a positive correlation between performance expectancy
and intention to use a technology (Attuquayefio and Addo, 2014;
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Khechine et al., 2016; McKeown and Anderson, 2016; Venkatesh et al.,
2003). Performance expectancy has been found to be related to age and
gender; the effect is generally stronger for men, especially younger men,
than among women (Lin et al., 2017). This social difference between
men and women is often linked to the priority placed by men on task
success (Venkatesh et al., 2003).

Perceived ease of use of a technology also influences the decision
to use it, particularly at the outset of its use in the phase often called
the discovery phase. The longer the technology is used, the lower the
perceived effort required; indeed, it may cease to be a factor once use of
the technology becomes routine (Venkatesh et al., 2003). Perception of
effort is linked to gender, age and experience, with perceived ease of use
being the main determining factor for women, older people, and those
with little experience of the technology (Venkatesh et al., 2003). For the
purposes of our study, effort expectancy related to students’ perception
of the ease of use of social networks in their learning activities.

Social influence refers to an individual's perception of what
those who are important to him/her think he/she should or should
not do (Venkatesh et al., 2003). It affects behaviour through several
psychological processes. Social influence relates to what an individual
believes the social group to which he/she belongs would do (Thompson
et al., 1991) rather than to what the individual believes significant others
would think of him/her if he/she were to participate in learning using
digital tools (Fishbein and Ajzen, 1975). This is also true in the case of
teachers using digital tools in their teaching practices (Coulibaly, 2019).
Lastly, social influence refers to the fact that the individual believes
that using technology will improve his/her image in relation to his/
her social group (Moore and Benbasat, 1991). Venkatesh et al. (2003)
show that these factors are only really significant in cases where the
use of technology is an obligation. In this case, conforming is the result
of social pressure. However, it should be noted that social influence
also gradually decreases over time with use. The more experienced an
individual becomes in using the technology, the less social influence
will be felt, even if its use was initially a compulsion. In our study,
social influence related to students’ perceptions of who they trust to
know whether or not to use social networks in their learning activities
(Venkatesh et al., 2003).
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Facilitating conditions encompass an individual's belief that
organisational and technical infrastructure exists that will assist them
in using the technology (Venkatesh et al., 2003). This leads him/her
to believe that the necessary resources and skills are available and that
assistance will be on hand at any time. Lastly, facilitating conditions
correspond with the individual’s way of working (Venkatesh et al., 2003).
Their importance increases as the individual gains more experience and
encounters difficulties in using the technology. Older people have been
found to be more sensitive to these factors (Mensah and Onyancha,
2021). In our study, the facilitating conditions related to students’
perception of the presence of organisational and technical infrastructure
to support them to use social networks effectively for learning.

In the UTAUT model, intention to use measures the degree of
acceptance of the technology. Itis thus the explanatory variable. Itincludes
a temporal dimension, i.e., the fact that an individual considers, predicts
or plans to continue using the technology, or to re-use it in the short or
medium term. In our context, the intention to use and the expectation
of use of social networks for learning were linked to students’ desire and
ambition to use social networks for learning.

With reference to the UTAUT model, we formulated the following
hypotheses:

Hi: Effort expectancy positively influences the intention to use social
networks for learning.

H2: Performance expectancy has a positive effect on the intention to
use social networks for learning.

H3: Social influence has a positive effect on the intention to use
social networks for learning.

Hy: Facilitating conditions have a positive influence on the intention
to use social networks for learning.

Hs: Intention to use social networks for learning has a positive effect
on the expectation of use of social networks for learning.
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Methodology

Data Collection

Data were gathered by means of an online questionnaire based on
the UTAUT model (Venkatesh et al., 2003). The primary aim was to
ascertain whether performance expectancy was more influential than
social influence in determining UVCI students’ intention to use social
networks for learning. The questionnaire was adapted from previous
research to make it relevant to the African context (Adjanohoun and
Agbanglanon, 2020; Nouhou et al., 2020; Nyebe Atangana et al., 2020).
It was administered from 30 September to 10 November 2021 using the
UVCI students’ mailing list for the 10 125 students enrolled from first-
year Bachelor’s to Master’s level in the 2021/2022 academic year.

After obtaining authorisation from the university to conduct
the research, we were granted access to the UVCI’s technological
infrastructure, enabling us to send the link for the questionnaire to
students. They were assured that their participation was voluntary and
that they would remain anonymous.

This online questionnaire included 21 items with ordered answers
on a7-level Likert scale, oriented according to the variables of the UTAUT
model. It began with general demographic data and the respondents’
attitudes towards social networks. A total of 315 students returned
completed questionnaires, representing a response rate of 3.11%.

Data Processing

The responses to the questionnaire were exported to Excel before
processing. The spelling of the training specialties indicated by students
and the different social networks in the responses was corrected to ensure
consistency. In order to obtain the frequencies of training specialties and
social networks, the Excel file was exported to R software (R Core Team,
2021), a programming language and free software for statistics and data
science supported by the R Foundation for Statistical Computing.

The processing of the UTAUT data was based on a partial least
squares structural equation model. The SEMinR package (Ray et al.,
2021) of the R software was used for this purpose. Structural equation
models enable an examination of the latent variables defined by manifest
variables (see Table 1) and the complex relationships between them
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(Bollen, 1989; Hoyle, 2012; Rivera, 2015; Schumacker and Lomax, 2015).
Known as second generation multivariate statistical methods, they are
based on two approaches to parameter estimation, namely, analysis of
covariance and analysis of variance. The latter method underlies partial
least squares structural equation models. The fact that partial least
squares structural equation models are free from any assumption of
normality of the data distribution (Latan and Noonan, 2017; Hair et al.,
2019) justified our decision to use them.

Results

Characteristics of the Sample

Figure 1 shows that more than three-quarters (78.7%) of the respondents
were male. As illustrated in Figure 2, their age ranged from 15 to 56
years, with a median of 24 years.
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Figure 1: Structure of the sample by gender
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Figure 2: Age distribution of the respondents

The majority of the respondents were in the final year of the
Bachelor’s level (69.8%), followed by those in the second year of this
level (20%).
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Figure 3: Structure of the sample by level of study
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Measurement Model

Prior to evaluating the research model to detect the links between the
different constructs, namely, effort expectancy, performance expectancy,
social influence, facilitating conditions, intention to use and expectation
of use, the quality of the measurement model was assessed by examining
the reliability of the indicators, the reliability of the internal consistency
of the constructs, their convergent validity and their discriminant
validity. The reliability of the indicators was assessed by examining their
factor loadings; factor loadings above 0.708 are considered satisfactory.
Observation of composite reliability (CR) values allows the reliability of
the internal consistency to be assessed. These must be between 0.7 and
0.9 to be considered acceptable to good, but without reaching the 0.95
threshold, which would be problematic. Convergent validity is assessed
by examining the average variance extracted (AVE) values. Acceptable
AVE values are above o.5. Discriminant validity is assessed through the
heterotrait-monotrait criterion (HTMT). Values of the criterion greater
than o.9 are undesirable, as they show that the indicators of the construct
concerned are more correlated with other constructs than with the one
they are supposed to define (Hair et al., 2019).

We noted moderately satisfactory reliability of the indicators of our
measurement model as the factor loadings of the different constructs
were above 0.708, except for the second construct of facilitating
conditions (FA_CON2) and the fourth one of performance expectancy
(PE_EX4), for which the loadings were 0.6 and 0.68, respectively (Table
1). However, the values of the average variance extracted were all above
0.5, suggesting that the convergent validity of the measurement model
was suitable. Composite reliability was satisfactory for performance
expectancy (0.87), effort expectancy (0.92), social influence (0.87) and
the facilitating conditions (0.83). In contrast, for intention to use and
expectation of use, the values (0.97) exceeded the problematic threshold
of 0.95. This suggests that the items relating to intention to use and
expectation of use presented nuances that our respondents found
difficult to detect, even though they have given rise to satisfactory CR
in other studies (Adjanohoun and Agbanglanon, 2022; Nouhou et al.,
2022).
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Table 1: Quality of the measurement model

Latent variable | Item (manifest variable) Factorial | Average | Composite
loading | variance | reliability
extracted | (CR)

(AVE)

Performance PE_EX1: | find social networks useful | 0.80 0.63 0.87
expectancy in my education.
(PE_EX)

PE_EX2: Using social networks allows | 0.83
me to complete learning tasks more
quickly.

PE_EX3: Using social networks 0.85
improves the quality of my learning.

PE_EX4: If | use social networks, 1 will | 0.68
increase my chances of getting good
grades.

Effort EF-EX1: It would be easy for me 0.83 0.74 0.92
expectancy to become skilled in using social
(EF_EX) networks for my education.

EF_EX2: My interaction with social 0.84
networks in my education is clear and
understandable.

EF_EX3: | find social networks easy to | 0.91
use for my education.

EF_EX4: Learning to use social 0.88
networks in training is easy for me.

Social SO_INF1: People who are important | 0.81 0.63 0.87
influence to me (parents, friends...) think |
should use social networks for my
(SO_INF) education.

SO_INF2: My peers, colleagues, or 0.80
people close to me think | should use
social networks for my education.

SO_INF3: The opinion of the 0.79
authorities at my institution
(university, faculty, school or institute)
was decisive in using social networks
for my education.

SO_INF4: In general, my institution 0.76
(university or school) encouraged
the use of social networks for my
education.
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Facilitating FA_CON1: | have the knowledge to 0.86 0.62 0.83
conditions use social networks in my education.
(FA_CON) FA_CON2: A specific person (or 0.60
group) is available for assistance in
case of difficulties in using social
networks for my education.
FA_CON3: | have the necessary 0.88
resources to use social networks in
my education.
Intention to INT_US1: | intend to use social 0.94 0.91 0.97
use (INT_US) | networks for my education in the next
six months.
INT_US2: | predict that | will use 0.96
social networks for my education in
the next six months.
INT_US3: | plan to use social 0.97
networks for my education in the next
six months.
Expectation of | EX_US1: | expect to use social 0.96 0.92 0.97
use (EX_US) networks for my education in the next
six months.
EX_US2: | will use social networks for | 0.96
my education in the next six months.
EX_US3: | am likely to use social 0.95
networks for my education in the next
six months.
Table 2: Hétérotrait-Monotrait criterion
FA_CON EF_EX (effort | PE_EX SO_INF INT_US
(facilitating | expectancy) | (performance | (social (intention of
conditions) expectancy) | influence) | use)
EF_EX (effort | 0.75
expectancy)
PE_EX 0.54 0.81
(performance
expectancy)
SO_INF (social | 0.71 0.71 0.64
influence)
INT_US 0.63 0.65 0.59 0.64
(intention of
use)
EX_US o.60 0.63 0.58 0.62 0.96
(expectation of
use)
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Structural Model

The main determining factor of the intention to use social networks for
learning among UVCI students was effort expectancy (B = 0.34 and p
< o.001). The results also showed that social influence (B = 0.28 and
p < 0.001) was more important than performance expectancy (B = o.15
and p < 0.05). According to the results, intention to use predominantly
determined the expectation of using social networks for learning among
UVCI students (B = 0.9 and p < 0.001), unlike facilitating conditions (8
= 0.032 and p > 0.05) which had no significant effect.
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|FA7CON1| - |FA7CON3 |
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% ) < 0,001

Figure 7: Results of the structural model

A multi-group analysis showed a significant difference (p = 0.0015)
between men (B = 0.24) and women (B = -0.34) regarding performance
expectancy’s influence on the intention to use social networks for learning.
This was positive for men, but negative for women. This suggests that
men expect their use of social networks for learning to improve their
academic performance, while the opposite is noted for women.
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No significant difference was found in terms of the determining
factors of intention to use and expectation of use of social networks
for learning between Master’s students (Master 1 and Master 2) and
Bachelor’s students (first year, second year and final year).

Discussion

The aim of this study was to identify the factors that promote students’
intention to use social networks in their learning. It was conducted in
the context of UVCI distance education, where students are required to
use ICT. While social networks have been presented as mainly geared
towards entertainment, the results showed that students use them for
learning and that effort expectancy is the main factor that motivates
them to do so at the UVCI.

Five hypotheses were formulated in relation to students’ expectations
when using social networks for learning. The first, which related to
effort expectancy, is accepted as it was found to be the main factor that
determined intention to use social networks among UVCI students. This
result is consistent with those of Venkatesh et al. (2003) who correlated
users’ perceptions of effort with their experience of this technology, as
well as Nouhou et al. (2022) and Alasmari and Zhang (2019) who found
that effort expectancy determined the decision to accept social networks
for learning. In the case of the UVCI, students confirmed that they had
little experience of employing such networks for learning. Students who
feel that learning using social networks requires much effort are likely
to be less inclined to use them. The fact that they are user-friendly and
enjoyable promotes a sense of ease of use in a learning environment.

The second hypothesis that performance expectancy impacts
intention to use social networks for learning was found to be conditioned
by gender amongst UVCI students as it was positive for men and
negative for women. Thus, men expect to perform better academically by
using social networks for learning, whereas women do not. This result
is consistent with those of Venkatesh et al. (2003) who concluded that,
in terms of the UTAUT model, young men’s performance expectancy
was much higher than that of women. This is essentially because men
are more task-oriented than women and due to the fact that these
differences in behaviour are induced by specific characteristics shaped
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by gender roles (Eagly et al., 2012). Nouhou et al. (2022) concluded that
performance expectancy was a determining factor in Niger students’
choice to use social networks, without specifying gender particularities.

However, our results show that performance expectancy was of less
importance than social influence, which validates our third hypothesis.
The image conveyed to others seemed to be more important for UVCI
students in virtual communities across the cities of Céte d’Ivoire. This is
supported by the findings of Moore and Benbasat (1991), who note that
individuals aim to enhance their image by participating in activities that
employ technological tools. Being outside the communities of learners
that mainly use social networks to communicate and learn would isolate
the student. These results are in line with those of Coulibaly (2019), who
concluded that teachers are influenced by the immediate environment
in which they evolve, particularly with regard to the use of digital
technology in their teaching practices. Alasmari and Zhang (2019),
Nouhou et al. (2022), and Adjanohoun and Agbanglanon (2022) also
found that social influence determines students’ willingness to learn
through social networks.

The study found that facilitating conditions had no effect on
the use of social networks among UVCI students, in contrast to the
small but significant effect found at the Virtual University of Senegal
(Adjanohoun and Agbanglanon, 2022). Despite having only recently
begun using social networks for learning, students do not wait for
facilitating conditions before starting. Indeed, they are of the view that
they have the necessary knowledge to do so, based on their personal
experiences with social networks. This also means that they do not feel
any need for assistance. Lastly, it was concluded that the intention to use
has a primary influence on the expectation of using social networks for
learning among UVCI students. This conditions future use and thus
influences their expectations.

Conclusion

The study on which this article is based drew on the UTAUT model
to identify the factors that determine UVCI students’ use of social
networks for learning. These students are enrolled in a higher education
institution where teaching is mediated by digital tools. The question was
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whether students’ intention to use social networks for learning purposes
was influenced by perceptions that it would improve their academic
performance. The study also investigated whether UVCI students’ use
of social networks for learning purposes was primarily driven by the
social influence exerted by their close circle.

Our research revealed that effort expectancy was the most important
factor determining UVCI students’ intention to use social networks for
learning purposes, while the second most important was social influence,
followed by performance expectancy. This result was unexpected, as
performance expectancy was predicted to take precedence over other
factors. It can thus be concluded that the added value that UVCI
students hope to gain from using social networks for learning purposes,
in terms of improving their academic results, was less important than
the influence of those around them.

Further research is suggested on possible links between UVCI
students’ acceptance of social networks for learning and teachers’ use of
these networks in their teaching practices. It would also be interesting
to compare the factors that determine the use of social networks for
learning among students at the Virtual University of Senegal (UVS)
and those at the UVCI, given their common specificities, i.e., the use of
digital tools in teaching and learning.
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